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1. Introduction Based on the five water indexes a joined threshold The resulting filled monthly land-water mask for Ray
computation is performed. Roberts in October is shown in Figure 5. Finally, all
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The AWAX approach of estimating gap-less surface area .
mask with data gaps.

time series is based on a land-water classification using e R Figure 6: Resulting surface area time series (orange) and initial surface areas (gray). Furthermore, filled
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five different water indexes, and a gap-filling step using the
derived long-term water probability mask. More details can

be found in Schwatke et al, 2019. The detailed flowchart of
the AWAX approach is shown in Figure 1.

For validation, water level time series from satellite
altimetry and in-situ stations are used. Figure 6 shows the
scatter plot between initial and final surface area time
series and water level (in-situ and altimetry-based). The
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