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Abstract

Background

Cell dispersal (or detachment) is part of the developmental cycle of microbial biofilms. It

can be externally or internally induced, and manifests itself in discrete sloughing events,

whereby many cells disperse in an instance, or in continuous slower dispersal of single

cells. One suggested trigger of cell dispersal is quorum sensing, a cell-cell communication

mechanism used to coordinate gene expression and behavior in groups based on popula-

tion densities.

Method

To better understand the interplay of colony growth and cell dispersal, we develop a

dynamic, spatially extended mathematical model that includes biofilm growth, production of

quorum sensing molecules, cell dispersal triggered by quorum sensing molecules, and re-

attachment of cells. This is a highly nonlinear system of diffusion-reaction equations that we

study in computer simulations.

Results

Our results show that quorum sensing induced cell dispersal can be an efficient mechanism

for bacteria to control the size of a biofilm colony, and at the same time enhance its down-

stream colonization potential. In fact we find that over the lifetime of a biofilm colony the

majority of cells produced are lost into the aqueous phase, supporting the notion of biofilms

as cell nurseries. We find that a single quorum sensing based mechanism can explain both,

discrete dispersal events and continuous shedding of cells from a colony. Moreover, quo-

rum sensing induced cell dispersal affects the structure and architecture of the biofilm, for

example it might lead to the formation of hollow inner regions in a biofilm colony.
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Introduction
Bacterial biofilms are microbial communities of same or different species that attach to sur-
faces, embedded in a self-produced extracellular polymeric matrix, which gives some protec-
tion to the sessile cells against hostile environmental factors such as antibiotics or mechanical
washout. The adsorption and absorption properties and enhanced mechanical stability of bio-
films make them advantageous to environmental engineers, e.g. in wastewater treatment, soil
remediation and groundwater protection [1]. On the other hand, biofilms can be harmful,
especially if they form on medical implants or natural surfaces in the human body, hence
causing serious infections [2–4]. Biofilms can also lead to biocorrosion of drinking water
pipes or industrial facilities [5] and contamination in food processing plants, causing food
spoilage [6, 7].

Biofilm development can be divided into three distinct stages: (a) reversible initial attach-
ment of cells to the surface (b) growth of the cells into a sessile biofilm colony and (c) dispersal,
or detachment, of cells from the biofilm colony into the surrounding aqueous phase, which
contributes to biological dispersal and biofilm rejuvenation.

Biofilm dispersal, such as erosion and sloughing, can be passive or active whereas seeding
dispersal is always an active process [8]. The latter, also known as central hollowing refers to
the release of large number of single cells from inside the biofilm colony [9–11]. Seeding dis-
persal can be internally triggered, e.g. by enzyme-mediated breakdown of the biofilm matrix
[12], production of surfactants which loosen cells from the biofilm [13], or externally triggered,
e.g. changes in nutrient availability [14], production of free-radical species [15] and control by
quorum sensing systems [16–18].

While many experimental studies of biofilm detachment and dispersal have been conducted
and reported in the literature, this remains a challenging topic due to difficulties in biofilm
detachment characterization [19, 20]. Mathematical modeling and simulation studies can
provide a complementary view, as they allow to distinguish between different detachment
mechanisms.

Many bacteria have the ability to produce signaling molecules which play a part in inducing
cell-cell communication [21]. This is normally referred to as quorum sensing. It is a system of
stimulus and response, usually assumed to be correlated to local population density, but also
affected by diffusive and convective transport of chemical signals [22, 23]. Bacterial cells pro-
duce and release small amounts of chemical signaling molecules referred to as autoinducers,
e.g. N-Acyl Homoserine Lactones (AHL) [24] found in gram-negative bacteria. Once a thresh-
old environmental autoinducer concentration level is reached, the bacteria undergo alterations
in gene expression which synchronizes collective behavior. This up-regulation of cells typically
also invokes signal production at an increased rate.

The role of quorum sensing in dispersal events has been discovered and documented in
some experimental studies, e.g. [16, 17, 25, 26]. Quorum sensing controlled dispersion is still a
relatively new field in the study of biofilms but of general relevance as it occurs in a number of
relevant species as shown in [17] with the assertion that this feature could be important for
development of treatment strategies.

Many experimental or modeling studies focus on biofilm growth, dispersal or quorum
sensing induction. We are not aware of studies that focus on the interplay of these three
aspects of biofilms systems and how they affect biofilm structure, function and dynamics.
In an experimental setting, it is difficult and sometimes challenging to separate the effects
of different potential causes, e.g. to distinguish between shear induced and quorum
sensing induced dispersal. In a mathematical modeling setup, it is easier to isolate particular
aspects of a system. For these reasons a modeling study can be a good first step that guides
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future work, both theoretically and experimentally. In this paper we will formulate a mathe-
matical model for quorum sensing induced biofilm dispersal. We will carry out computer
experiments to investigate potential effects of this phenomenon in biofilm growth and
structure.

Mathematical models for bacterial biofilms over the years have greatly contributed to our
understanding of biofilm processes so far. The first generation of biofilm models were contin-
uum models with a focus on population and resource dynamics. These models are formulated
under the assumption that a biofilm can be described as a one-dimensional homogeneous
layer, cf [27, 28]. Newer models take the spatially heterogeneous structure of biofilms into
account, and are formulated as spatially multi-dimensional models. A large number of mathe-
matical modeling techniques have been proposed to model biofilms, consisting of stochastic
individual based models e.g.[29–31], stochastic cellular automata models e.g.[32–34] and a
variety of deterministic partial differential equation models e.g.[35–37]. These models differ in
the approach used to describe biomass movement and structure, but they all are coupled with
diffusion-reaction models for growth controlling substrates. Models such as these are usually
complex, mathematically difficult to analyze and often only amendable to computational
simulations.

A variety of biofilm models have included detachment processes in some form, often
highly simplified. In traditional one-dimensional models, the biofilm detachment rate is typi-
cally a function of the biofilm thickness [28, 38]; similarly in some 2D models the detachment
rate is correlated with the biofilm geometry [39]. In other models detachment is correlated
with the shear stress induced by the flowing bulk liquid in the biofilm system; e.g. [40–43].
Apart from mechanical washout of biofilm, a model that describes biofilm detachment
induced by chemical changes and food limitations is the stochastic cellular automation in
[14, 44, 45].

Many modeling studies have investigated quorum sensing in planktonic populations and in
biofilm systems, e.g [36, 46–50]. Most quorum sensing models in biofilms focus on up-regula-
tion, only few include the effect of quorum sensing on the biofilm dynamics, structure, and
function e.g.[22, 51]. Modeling studies have shown that quorum sensing can also induce inter-
colony or non-local communication in biofilms [49, 52] and that gene regulation in a particular
colony can be affected by the surrounding colonies via signal transport in the aqueous phase.
In [53] it was suggested that both effects, local population size assessment (quorum sensing in
the strict sense), and long range effects due to signal transport (e.g. diffusion sensing), can be
unified in the concept of efficiency sensing.

An important first question is, which of the existing biofilm modeling frameworks to choose
for our simulation study. One criterion to base our choice is the treatment of biomass. In many
models the cell density is assumed to be always at maximum, e.g. [27, 54]. Biofilm expansion
results from production of new cells, and cell loss result to shrinkage of biofilm. Alternatively,
some models treat the biomass density as a dependent variable, e.g. [33, 37], which allows them
to describe biofilm colonies with strong biomass density gradient. More importantly for our
purpose, such models will be able to describe hollowing biofilm structure by reduced biofilm
density in the interior of such colonies.

Another criterion to distinguish between biofilm models is whether they are stochastic or
deterministic. While often a single simulation of a stochastic model seems to be faster than
that of a deterministic model, many such simulations are required to obtain reliable averages,
which offset the computational speed advantage. Deterministic models, on the other hand have
averaging properties built in.

Based on these considerations, the model that we will use as the basis for our study is the
single species density dependent diffusion-reaction biofilm that was originally introduced in
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[37]. It is a deterministic continuum model that treats biomass density as a dependent vari-
able. It has been derived both via a spatially discrete master equation starting from the view
point of a biofilm as a spatially structured population [55] and from equations for conserva-
tion of mass and momentum, starting from the view point of a biofilm as an incompressible
fluid [52].

Since we are interested in the interplay of various colonies in a biofilm community, a two-
dimensional representation of the biofilm instead of assuming the biofilm as a homogeneous
layer seems appropriate. We will neglect the flow field in the aqueous phase and the shear
induced detachment that it causes and focus on quorum sensing induced dispersal alone.
Since flow field calculations are in many instances the most time consuming step in biofilm
simulations, this will simplify the modeling greatly. We will consider a hydrostatic environ-
ment in which nutrients are transported to the biofilm from the aqueous phase by a diffusion
gradient.

Method

Basic model assumptions
We develop a mathematical model that describes the dynamics of quorum sensing induced
bacterial cell dispersal in growing biofilms. The local amount of sessile bacterial cells is
expressed in terms of the local volume fraction they occupy in the biofilm [37]. The bacteria
that engage in quorum sensing are assumed to switch from a down- to an up-regulated state
when the local concentration of the quorum sensing molecule becomes large enough and vice
versa. We do not explicitly distinguish between down- and up-regulated cells but implicitly:
we assume that the autoinducer production rate is controlled by the local autoinducer
concentration.

Dispersal of sessile cells is triggered as the local autoinducer concentration increases. The
motility of dispersed cells and its dispersal from the biofilm into the aqueous phase is assumed
to be governed essentially by Fickian diffusion, following [56], who studied the movement of
motile bacteria in biofilms. In the biofilm the diffusion coefficient of the dispersed bacteria is
reduced due to the diffusive resistance of biofilm cells extracellular polymeric substances (EPS)
which we subsume implicitly in biomass volume fraction. This is a common assumption in bio-
film modeling, e.g. [33, 54, 57].

The quorum sensing signal molecules (autoinducers) are dissolved and are assumed to be
transported by Fickian diffusion. They diffuse at a reduced rate in the biofilm compared to the
aqueous phase, following [58]. The rate of production of signaling molecules is higher by one
order of magnitude for up-regulated than for down-regulated cells.

Governing equations
Putting these aspects and assumptions together, the model describing the biofilm dispersal is
formulated as a system of four partial differential equations. The dependent variables areM, N,
C and A.M denotes the volume fraction occupied by sessile cells and subsumes the EPS. N
denotes the concentration of the motile bacterial cells which are capable of moving into and
in the liquid phase; we refer to these as ‘dispersed cells’. C denotes the concentrations of the
growth controlling nutrient substrate. A represents the concentration of the dissolved quorum
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sensing molecules. The governing equations read

@tM ¼ rðDMðMÞrMÞ þ mC
k1 þ C

M � k4M � Z1A
n

tn þ An
M þ Z2M

k5 þM
N ð1Þ

@tN ¼ rðdNðMÞrNÞ þ mC
k1 þ C

N � k4N þ Z1A
n

tn þ An
M � Z2M

k5 þM
N ð2Þ

@tC ¼ rðdCðMÞrCÞ � m
Y

M1C
k1 þ C

ðM þ NÞ ð3Þ

@tA ¼ rðdAðMÞrAÞ þ gðCÞ aþ b
An

tn þ An

� �
M1ðM þ NÞ ð4Þ

Eqs (1) and (2) describe the growth and spatial movement of sessile and dispersed biomass,M
and N. They are directly coupled by the dispersal and re-attachment terms. The third equation
describes the consumption of nutrients byM and N while the fourth equation describes the
production of the quorum sensing molecules. These equations are defined in a domain O�
R
d, d 2 {2,3}. The aqueous phase is the region without biomass present, O1(t) = {x 2 O:M(t, x)

= 0}, and the biofilm phase is the region with biomass present, O2(t) = {x 2 O:M(t, x)> 0} (see
Fig 1). These regions change over time as the biofilm grows. They are separated by the biofilm/
water interface, Γ(t): = @O2(t) \ @O. Neither O1(t) nor O2(t) need to be connected domains. In
fact O2(t) will in general consist of several colonies that are separated from each other by water.
The substratum, on which the biofilm grows is part of the boundary of the domain O. It is
impermeable to substrate, autoinducer and biomass and it is not reactive.

The density-dependent diffusion coefficient in Eq (1) that describes the biofilm expansion is
formulated according to [37] and given by

DMðMÞ ¼ d
Ma

ð1�MÞb ; where a; b > 1; d > 0: ð5Þ

The equation degenerates forM = 0 where D(0) = 0. For 0�M� 1 we have D(M)� δMa,
i.e. the biofilm diffusion equation behaves like the porous medium equation. In particular this
guarantees a finite speed of interface propagation. ForM = 1 the diffusion coefficient attains a
singularity and blows up. For 0�M� 1 the equation behaves like a super-diffusion equation.
In particular, the blow up of the diffusion coefficient guarantees thatM< 1 if a Dirichlet condi-
tion is specified somewhere on the boundary of the domain. This means that the super-diffu-
sion effect guarantees that the maximum possible cell density is never exceeded, independent
of biomass production terms [59, 60]. Biomass spreading is much slower than the diffusion of
the dissolved substrate [28], thus the biomass motility coefficient δ [m2 d−1] is positive but
much smaller than the diffusion coefficients of the N, C and A by several orders of magnitude.
The diffusion coefficients for N, C and A in Eqs (2)–(4) depend onM as well, although in a
non-critical way. For dissolved substances like nutrients and quorum sensing molecules, they
are lower in the biofilm than in the aqueous phase [58]. We make the same assumption for dis-
persed cells. We make a linear ansatz that interpolates between the experimentally measurable
values of diffusion in water (M = 0) and in a fully developed biofilm (M = 1), i.e.

dNðMÞ ¼ dNð0Þ þMðdNð1Þ � dNð0ÞÞ
dCðMÞ ¼ dCð0Þ þMðdCð1Þ � dCð0ÞÞ
dAðMÞ ¼ dAð0Þ þMðdAð1Þ � dAð0ÞÞ

ð6Þ

8><
>:
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Note that dN, C, A(0)> 0, so that the diffusion coefficients are bounded between two finite val-
ues. Hence, diffusion is essentially Fickian, and non-degenerate. Diffusion coefficients are mea-
sured inm2 d−1.

The reaction terms and their parameters in Eqs (1)–(4) have the following meaning:

• Growth of sessile and dispersed cells is controlled by the local availability of nutrients in Eqs
(1) and (2). This is described by standard Monod kinetics where k1 [gm

−3] is the half satura-
tion concentration, and μ [d−1] is the maximum growth rate. One can argue that the growth
rate of the dispersed cells should be different than those of the sessile cells. This would
require us to introduce additional model parameters. On the other hand, since dispersed cells
diffuse out of the system quickly and, therefore, have only minor effect on the availability of
substrate in the system and hence on biofilm growth. Hence, for simplicity, we assume the
same growth kinetics for sessile and dispersed cells.

Fig 1. Schematic of the biofilm system. The aqueous phase is the region without biomass present,Ω1(t) = {(x, y) 2Ω:M(t;x, y) = 0}, the biofilm phase is the
region with biomass presentΩ2(t) = {(x, y) 2 Ω:M(t;x, y) > 0}. These regions change over time as the biofilm grows. Biofilm colonies form attached to the
substratum, which is a part of the boundary of the domain.

doi:10.1371/journal.pone.0132385.g001
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• Cell lysis occurs at the rate of k4 [d
−1] in Eqs (1) and (2). For simplicity we assume for both

types of biomass the same lysis rate.

• Dispersal of cells from the biofilm is controlled by the local autoinducer concentration. It is
negligible if A is clearly below the switching threshold τ [nM] and attains the maximum dis-
persal rate η1 [d

−1], if A� τ. The transition between both extreme stages is described by Hill
kinetics with exponent n [-]. We assume that the dispersal rate is proportional to the autoin-
ducer production rate by up-regulated cells, see below.

• Re-attachment of cells in the biofilm is controlled by the local biofilm densityM. The re-
attachment rate is proportional to Nfor smallM (relative to k5 [gm

−3]) and approximately
constant forM� k5, modeled by standard saturation kinetics. In the absence of quantitative
data in the literature we assume that the maximum reattachment rate is than the maximum
dispersal rate, but smaller. We take it as η2 = 0.5η1. This reflects that some of the dispersed
cells can re-attach to the biofilm, but that cells that are induced for planktonic life and
detached would require a costly up- and down-regulation of many genes to become sessile
again.

• Consumption of nutrients in Eq (3) is proportional to the biomass growth rate in Eqs (1) and
(2). The proportionality factor is the yield coefficient Y [-].M1 [gm−3] is the maximum cell
density. The compounded parameter μM1/Y is the maximum consumption rate. Note that
the maximum biomass cell densityM1 does not explicitly occur in the biomass equation
because it has been used for scaling when we stated the model in terms of biomass volume
fraction instead of densities.

• In Eq (4), autoinducers are produced at a base rate α [nMd−1 g−1 m3] if the local autoinducer
concentrations is small (relative to induction threshold τ) and increases to α+β where β is
also measured in [nMd−1 g−1 m3], if it exceeds the induction threshold. The transition is
described by a Hill function with exponent n. In Fig 2 we plot this function for degree of
polymerization n = 2.5, as suggested in [24], which we will use in the simulations later on,
whereas [61] used a slightly lower value of n = 2.2. This function describes a smooth transi-
tion between states of no increased autoinducer production (all cells down-regulated) and
autoinducer production at maximum rate (all cells up-regulated). It accounts for individual
variation between cells. In particular for higher induction threshold values τ this implies that
a significant amount of autoinducers is already produced at concentrations 0� A< τ. A
more pronounced switch between both states would be obtained for higher values of n than
those found experimentally, e.g. [24, 61], see Fig 2. According to experimental studies, the
production of quorum sensing signal molecule can be affected by the nutrient, we have
included this option in the model as γ(C) which is described in more detail in S1 Appendix.

We point out that in the absence of quorum sensing activity, e.g. if α = β = 0 or in the
absence of dispersal, e.g. if η1 = 0, the Eqs (1)–(4) reduces to Eqs (1) and (3), which is the proto-
type single-species single-substrate biofilm model of [37].

Computational realization
For our computer simulations we restrict ourselves to the two-dimensional setting with a rect-
angular computational domain O = [0, L] × [0, H]. The substratum, on which biofilm colonies
form is the bottom boundary, x2 = 0, see also Fig 1. The substratum is assumed to be imperme-
able to biomass and dissolved substrate, so we pose homogeneous Neumann boundary condi-
tions there i.e. @n M = @n N = @n C = @n A = 0, for x2 = 0. We consider our rectangular
computational domain as part of a larger biofilm reactor. At the lateral boundaries, where
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x1 = 0 or x1 = L, we assume a symmetry boundary condition, which allows us to view the
domain as a part of a continuously repeating larger domain. Therefore, we pose here as well
homogeneous Neumann conditions for all dependent variables i.e. @n M = @n N = @n C = @n
A = 0, for x1 = 0 or x1 = L.

At the top boundary, x2 =H, we pose homogeneous Dirichlet conditions for the biofilm bio-
massM. The degeneracy D(0) = 0 in Eq (1) leads to a finite speed of interface propagation in
the sense that initial data with compact support imply solutions with compact support. There-
fore, as long as biomass does not reach the boundary of the domain, the model satisfies simul-
taneously homogeneous Dirichlet and Neumann conditions, which are combined in the no-
flux conditions D(M)rM = 0. Since our simulations will be terminated before biomass reaches
the top of the domain, the choice of boundary conditions there is not critical. For the nutrient
C, we pose at the top boundary, x2 =H, an inhomogeneous Dirichlet condition. C is set there to

Fig 2. The effect of the local autoinducer concentration A on the autoinducer production rate and the dispersal rate is described by the Hill
function f(A) = An/(τn+An). Plotted here for the degree of polymerization n = 2.5 that was obtained in [24] and is used in the simulations later on.

doi:10.1371/journal.pone.0132385.g002
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the bulk concentration value, which reflects that substrate is added to the system through this
segment of the domain boundary. The dispersed cell density and the autoinducer concentra-
tion are set there to nil. This enforces a diffusion gradient from the biofilm in the interior of the
domain to the boundary and mimics removal of quorum sensing molecules and dispersed cells
into the surrounding bulk phase where they are negligible due to instantaneous dilution. Thus
we have C = C1,M = N = A = 0 at x2 =H.

Initially biofilm biomass is placed in small pockets withM> 0 at the substratum only. The
locations and initial sizes of these pockets will be chosen randomly or explicitly specified a pri-
ori. Thus @O2(0)\{x2 = 0} 6¼ ;, @O2(0)\@O \ {x2 = 0} = ; and RO2(0) dx�

R
O dx. O2(0) is typi-

cally not connected, i.e. several inoculation sites are usually considered and all have a boundary
with x2 = 0. We will assume that initially no dispersing cells and no autoinducers are in the sys-
tem, and that the concentration of nutrients is initially at bulk levels, i.e. C = C1, N = A = 0
at t = 0.

Eqs (1)–(4) are discretized on a regular grid using a cell centered finite difference-based
finite volume scheme for space and semi-implicit time-integration, adapted from [57, 64, 65]
to account for the new dependent variable A, N, which are treated in the same manner as C. In
every time step, four linear algebraic systems are solved, one for each dependent variable.
These linear systems are sparse and at least weakly diagonally dominant. They are efficiently
solved with the stabilized biconjugate gradient method [66]. The linear solver is prepared for
parallel execution on multi-core and shared memory multiprocessor architectures using
OpenMP, as described in [65]. Simulations will be terminated when the biofilm reaches a set
target size or when a set maximum simulation time is reached. For the visualization of simula-
tion results we use the Kitware Paraview visualization package (spatially resolved plots) and
gnuplot (lumped results).

For better interpretation of the computer simulations of the model, the following quantita-
tive lumped measures will be used

• Biofilm size relative to the domain size

oðtÞ :¼
R
O2ðtÞdxR
Odx

ð7Þ

• Average nutrient concentration in O2:

CavgðtÞ :¼
R
O2ðtÞCðt; xÞdxR

O2ðtÞdx
ð8Þ

• Total sessile biomass in the biofilm:

MtotðtÞ :¼
Z
O

Mðt; xÞdx ð9Þ

• The total amount of dispersed cells:

NtotðtÞ :¼
Z
O

Nðt; xÞdx ð10Þ
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• Average concentration of the quorum sensing molecules in O2, non-dimensionalized with
respect to τ:

AavgðtÞ :¼
R
O2ðtÞAðt; xÞdx
t
R
O2ðtÞdx

ð11Þ

• Biomass loss K(T): This is the relative difference between the net biomass gain and the pro-
duced sessile biomass over a period of time T defined as follows

KðTÞ ¼
R T

0

R
O m C

k1þC

h i
Mdxdt � ½MtotðTÞ �M0�R T

0

R
O m C

k1þC

h i
Mdxdt

: ð12Þ

whereMtot(T) is the amount of biomass in the system at t = T andM0 is the amount of bio-
mass initially present in the system.

• The ratio of dispersed cells that are re-attached and the cells that are detached, at time t:

ZðtÞ ¼ Z2
Z1

R
O

M
k5þM

� �
Ndx

R
O

An

1þAn

� �
Mdx

2
4

3
5 ð13Þ

• A measure for the amount of dispersed cells (i.e. the diffusive flux) that left the domain over
the time interval [0, T]

PðTÞ ¼
Z T

0

Z L

0

@N
@n

jy¼Hdx1dt ð14Þ

The default model parameters used in the simulations are summarized in Table 1. Parame-
ter values that are varied in the simulations will be stated in the text where the simulation
experiments are described.

Results
The objective of our numerical simulation experiments will be to better understand quorum
sensing induced cell dispersal in biofilm. The primary parameters that we vary in these studies
are the threshold parameter τ that sets the scale for autoinducer induction, and the maximum
dispersal rate η1 that are most directly linked to this process.

We will first take a look at lumped results, integrated over the computational domain, and
then at the local effects on biofilm structure.

Induction threshold τ and erosion rate η1 control discrete vs continuous
dispersal patterns”
This first simulation experiments investigates how quorum sensing induced dispersal affects
the biofilm growth and dispersal events. Here we have considered a situation where the nutri-
ent concentration has no influence on the quorum sensing signal production, thus γ(C)� 1.
The parameter values listed in Table 1 were used. The quorum sensing threshold parameter
was varied within one order of magnitude, τ = 10, 20, 30, 40, 50, 60, 70nM. The maximum
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dispersal rate in these simulations was set to be η1 = 3.6/d, smaller than but in the same order
of magnitude as the maximum growth rate. The simulations of the quorum sensing induced
dispersal model are compared with the results of a non-quorum-sensing-producing biofilm (α
= β = 0). Lumped output parameters of the simulations are plotted in Fig 3. In all cases we see
that biofilm growth is sub-exponential, indicating nutrient limitations for growth.

For low values of τ, the switching threshold is reached quickly leading to a rapid dispersal of
the biomass before the biofilm can grow considerably as shown in Fig 3a for τ	 30nM. Both
dispersed cells and autoinducers are removed quickly from the system. After the first dispersal
event, the bacterial cells that are left behind in the biofilm are too few to keep the autoinducer
concentration at levels that maintain dispersal, cf Fig 3b and the quorum sensing signal con-
centration drops, see Fig 3c. The biofilm population starts growing again. A newly increasing
amount of biomass in the biofilm means a renewed increase in autoinducers, until these reach
threshold and trigger the next dispersal event, and the pattern continues. Overall we see an
almost periodic pattern of discrete dispersal events. The biofilm size did not shrink during the
dispersal and loss of biomass events as shown in Fig 3d, which implies that the biomass density
in the biofilm colonies will reduce.

For higher values of τ (τ> 50nM), the biofilm develops into a stronger colony before the
onset of dispersal. Release of cells from the biofilm into the aqueous environment and removal
from the system appears continuous and the biofilm population reaches a plateau (see Fig 3a)

Table 1. Parameter values used in the numerical simulations.

Symbol Parameter Source Value Unit

μ maximum specific growth rate [28] 6.0 d−1

Y yield coefficient [28] 0.63 -

k1 half saturation concentration (growth) [28] 4.0 gm−3

k2 1st threshold concentration in γ1,2,3,4 assumed 0.05 gm−3

k3 2nd threshold concentration in γ1,2,3,4 assumed 0.1 gm−3

k4 lysis rate [62] 0.4 d−1

k5 half saturation density (re-attachment) [28] 0.7 gm−3

M1 maximum cell density [62] 104 gm−3

η1 maximum dispersal rate assumed 0.6 − 4.2 d−1

η2 maximum re-attachment rate assumed 0.3 − 2.1 d−1

τ quorum sensing induction threshold [24, 63] 10 − 70 nM

α constitutive autoinducer production rate [24] 0.5520 d−1

β induced autoinducer production rate [24] 5.5200 d−1

n degree of polymerization [24] 2.5 -

dA(0) diffusion coefficients of A (water) [52] 7.8 × 10−5 m2 d−1

dA(1) diffusion coefficients of A (biofilm) [52] 3.9 × 10−5 m2 d−1

dC(0) diffusion coefficients of C (water) [62] 10−4 m2 d−1

dC(1) diffusion coefficients for C (biofilm) [62] 8 × 10−5 m2 d−1

dN(0) diffusion coefficients of N (water) assumed 10−4 m2 d−1

dN(1) diffusion coefficients of N (biofilm) assumed 2 × 10−5 m2 d−1

δ biomass motility coefficient [37] 10−12 m2 d−1

a biofilm diffusion exponent [37] 4.0 -

b biofilm diffusion exponent [37] 4.0 -

L system length [62] 4 × 10−3 m

H system height assumed 1.6 × 10−3 m

eps asymptote controlling parameter for γ3 and γ4 assumed 10−12 -

doi:10.1371/journal.pone.0132385.t001
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for τ
 50nM. The higher the threshold value is, the higher the level at which the biomass pla-
teaus. The results for τ = 40nM show a transition from the discrete sloughing-like dispersal
event to a continuous erosion-like dispersal event.

For all values of τ, a substantial amount of the biomass that is produced in the biofilm is dis-
persed and leaves the system. For low threshold values almost all the produced biomass leaves,
while even for high induction points still 90% of the sessile biomass that is produced are lost.

A different growth behavior is observed when the biofilm produces no quorum sensing sig-
nal molecule (i.e. α = β = 0), and thus does not induce dispersal. The biofilm growth for the
Non-QS case was limited due to nutrient limitation as seen in Fig 3a and 3d, albeit nutrient
limitation is not sufficient enough to induce a leveling off of biomass production but that dis-
persal balances growth.
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Fig 3. Temporal plots of simulations computed for a non-quorum sensing producing biofilm (Non-QS) and a quorum sensing producing biofilm.
Here we used seven different quorum sensing threshold values τ = {10, 20, 30, 40, 50, 60, 70}nM and fixed maximum dispersal rate η1 = 3.6/d. Shown are (a)
the total sessile biomass fractionMtot in the biofilm, (b) biomass loss K(T) indicating the amount of biomass that actually dispersed, (c) the average
autoinducer concentration Aavg inΩ2, and (d) the biofilm sizeω(t).

doi:10.1371/journal.pone.0132385.g003
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We also conducted simulations to investigate the effect of the maximum dispersal rate η1 on
the amount of cells dispersed and on the biofilm, which are reported in detail in S1 Appendix.
The results obtained from this investigation reveals that the frequency of the dispersal event
changes as η1 changes. Lower dispersal rates led to a more continuous dispersal event. Increas-
ing the dispersal rate resulted in a more rapid and discrete dispersal event, this is similar to
what was observed for small induction threshold.

A quorum sensing controlled dispersal trigger allows the biofilm to
mature before biomass loss
This simulation is carried out to investigate the effect of constant dispersal on biofilm with the
aim of answering the question “If dispersal is important to biofilms, why don’t they shed cells
continuously but rely on a mechanism like quorum sensing?”. For these simulations, the biofilm
consists of bacteria that produce quorum sensing signals. By “constant dispersal” we refer to
the case where the dispersal rate in Eq (1) is kept constant, i.e. does not depend on the autoin-
ducer concentration. We call this also NonQS-induced. In the model, this is the limit case τ =
0. This is compared with the situation whereby the dispersal is induced by quorum sensing
with τ = 50nM. The maximum dispersal rate in these simulations is η1 = 2.4d−1. The other
parameter values are listed in Table 1.

The results from these simulations are presented in Fig 4 for the total sessile biomass, the
biofilm size, and the amount of dispersed cells that leave the biofilm. We observe that quorum
sensing induced dispersal allows the biofilm to grow before biomass loss is initiated, leading
overall to a stronger biofilm, whereas continuous dispersal prevents notable growth of the
biofilm.

Re-attachment of dispersed cells is negligible
Additional simulations were carried out to investigate the influence of the quorum sensing
switching parameter τ and the maximum dispersal rate η1 on re-attachment of bacterial cells to
the biofilm. In these simulations we have considered four different scenarios consisting of high
and low values of τ and η1 respectively resulting from the following combinations: τH η1H, τH
η1L, τL η1H and τL η1L, where index L represents ‘Low value’ and indexH represents ‘High
value’. The low and high values of τ are τ = 10nM and τ = 70nM, respectively, while the low
and high values of η1 are η1 = 0.6d−1 and η1 = 4.2d−1, respectively. We assume here that the pro-
duction of the signal molecule is not significantly influenced by the nutrient concentration,
hence γ(C)� 1. Every other parameter used for the simulation is as listed in Table 1.

By computing the ratio of the dispersed and re-attached cells Z(t) as shown in Fig 5a, we
found that re-attachment is generally negligible compared to the amount of cells dispersed irre-
spective of the choice of τ and/or η1.

Another parameter that controls re-attachment of cells is k5 seen in Eqs (1) and (2) describ-
ing the attraction of bacterial cells towards the biofilm. By setting τ = 10nM and η1 = 3.6d−1, we
compare the amount of re-attached cells defined by Z2

M
k5þM

for different values of the parameter

k5 varied over one order of magnitude, k5 = 0.1, 0.2, 0.3, 0.4, 0.5, 0.6, 0.7gm−3. We observe also
here that re-attachment is negligible (see Fig 5b).

Quorum sensing controlled dispersal can explain central hollowing
From the lumped output parameters in Fig 3a and 3c we observe that during a discrete dis-
persal event and the following biomass growth period the biofilm size remains constant. This
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suggests that biomass loss due to dispersal does not lead to a shrinking of the colony but to a
decrease in local cell density in the biofilm.

To investigate the effect of quorum sensing triggered dispersal on the spatial structure of the
biofilm colonies and the local biomass distribution in more detail, we visualize two simulations,
one in which discrete dispersal events are observed, with τ = 20nM, η1 = 3.6/d (Fig 6), and one
in which dispersal appears continuous, with τ = 60nM, η1 = 3.6/d (Fig 7). We show for selected
time instances the spatial distribution of the sessile biomassM and iso-lines of the autoinducer
concentration. In both cases we use the same initial distribution of biomass. Six colonies are

Fig 4. Temporal plots of results for constant dispersal with no influence of quorum sensing using dispersal rates η1 = 2.4d−1, compared to quorum
sensing induced dispersal with τ = 50nM. Shown are (a) the total amount of biomass in the biofilmMtot, (b)the amount of suspended biomass that leaves
the biofilm P(T).

doi:10.1371/journal.pone.0132385.g004

Fig 5. Temporal simulations results to investigate the re-attachment of bacterial cells after dispersal. Shown are (a) the ratio of dispersed cells that
are re-attached and the cells that are detached Z(t) using τL = 10nM, τH = 70nM, η1L = 0.6/d, η1H = 4.2/d; (b) amount of re-attached cells defined by Z2

M
k5þM and

computed for different values of k5 i.e. k5 = 0.1, 0.2, 0.3, 0.4, 0.5, 0.6, 0.7gm−3 using the quorum sensing threshold value τ = 10nM and the maximum
dispersal rate η1 = 3.6d−1.

doi:10.1371/journal.pone.0132385.g005
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randomly placed on the substratum. They differ in size, but the biomass density inside each
colony is initially set to be 0.3.

In the case of the lower threshold value τ in Fig 6, immediately after the simulation starts, A
is very small. At the next shown time instance t = 5 the biomass density inside the colonies has
reached values close to maximum density and expansion of the biofilm has started. The colo-
nies have grown in size, a small and a large colony that were initially placed close together have
merged. Shortly after, the first dispersal event was initiated which leaves the colonies with
lower biomass density in the inner cores than in the outer rims. This structural change is more
conspicuous in the next snapshot at t = 12 which is taken shortly after the second dispersal
event. The colonies have still the same size as before, but in their inner core the biomass density
is substantially decreased. An exception is the smaller colony in the middle of the domain, in
which the biomass density is larger than in the neighboring colonies. This is explained by lower

Fig 6. Simulation of biofilm growth for induction threshold τ = 20nM andmaximum dispersal rate η1 = 3.6d−1. Color coded is the biomass densityM,
iso-lines of the autoinducer concentration A are plotted in grayscale.

doi:10.1371/journal.pone.0132385.g006
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autoinducer concentrations there that have not triggered a discrete dispersal event. Due to the
smaller amount of biomass in the system overall and removal of the signal from the system due
to diffusion, the autoinducer concentration has dropped again below the threshold value. At
the last time instance that we show, t = 14, the biomass inside the colonies has increased again,
without a notable increase in colony size. In the smallest colony in the center of the domain, in
which no dispersal event has taken place the biomass distribution is more homogeneous.

We contrast this with the result for the higher threshold value τ = 60nM in Fig 7. Immedi-
ately after the simulation starts, at t = 0.0002, the situation is the same as in Fig 6. At t = 5 The
colonies have grown with a rather homogeneous distribution of biomass. The small and large
colony that were originally in close proximity have merged. The signal concentration is still
well below threshold with a maximum value of A� 0.082τ. Accounting for the different

Fig 7. Simulation of biofilm growth for induction threshold τ = 60nM andmaximum dispersal rate η1 = 3.6d−1. Color coded is the biomass densityM,
iso-lines of the autoinducer concentration A are plotted in grayscale.

doi:10.1371/journal.pone.0132385.g007
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threshold concentrations values, this is a value similar, but lower than at the same time in Fig 6.
At t = 15, the colonies have increased considerably in size, but in their inner regions the bio-
mass density is much smaller than in the outer layers. The autoinducer concentration has
increased as well, due to the larger amount of biomass. Although it is remains clearly below the
threshold value, substantial cell dispersal has started. Since the signal concentration are highest
inside the colonies, cells are lost there at a higher rate than in the outer layers. This is explained
by Fig 2, which shows that for such high threshold values even for signal concentrations clearly
below τ the dispersal rate can be substantial. This patterns continues, as time progresses. For
t = 20, we observe an increase in the size of the colonies, with an outer rim with high biomass
density. The biomass density in the inner core decreases as the biofilm increases, leading
to regions with fewer cells, i.e hollowing structures, as reported in experimental studies, e.g.
[44, 67].

We observe hollowing of biofilm colonies both for simulations with discrete and continuous
cell dispersal, but there is a substantial difference. In the case of discrete dispersal events, the
biomass density increases after the event, filling up the hollows. In the case of continuous dis-
persal loss, biomass is not replenished inside the colonies, rather the outer layers expand and
the colony increases in size quicker, see also Fig 3d. Hollowing occurs because the autoinducer
concentration is highest in the inner layers of the colony, due to the maximum principle for dif-
fusive systems, e.g. [68]. This implies that cells there up-regulate and disperse first.

Nutrient dependence of the autoinducer production rate has only minor
effect on dispersal
In this simulation experiment, we investigated the influence of nutrient availability on the pro-
duction of quorum sensing signal molecule which was included in our model (Eq (4)) as an
option controlled by the function γ(C). The description of γ(C) and the details of the simula-
tion experiment and the results can be found S1 Appendix. The effect of nutrient concentration
on the production of the autoinducer signal molecule was investigated in two scenarios namely:
biofilm and microfloc. For the biofilm case, high nutrient concentrations are observed only
initially and decline quickly as the the biofilm grows. In the case of a microfloc, there is a
decreased autoinducer production during high concentration than when the nutrient concen-
tration is low. In summary we observe that the influence of nutrient availability on the autoin-
ducer production rate, as tested here, does not have much effect on cell dispersal.

Discussion

Modification of biofilm growth and dispersal
Our study presents, to our knowledge, the first theoretical model analyzing interaction between
quorum sensing and dispersal in biofilms with respect to their effects on biofilm structure and
population dynamics. The simulation results indicate that this interplay affects both the struc-
ture and thickness of existing biofilm colonies as well as the cell dispersal, i.e. the potential to
colonize new habitats. The development of hollows, i.e. areas with very low cell densities within
biofilms, and the potential to generate fluctuations of biofilm thickness, autoinducer concen-
tration, cell dispersal and re-attachment are predicted by our model. The phenomenon of fluc-
tuations in biofilms has been known before, but not necessarily discussed in the context of
quorum sensing, e.g. [14, 69]. Hollows caused by dispersion or other mechanisms are well-
known in biofilms. The hollows within the colonies, which are predicted by our study, resemble
the voids reported as a result of agr-QS induced detachment in an experimental study of
Staphylococcus aureus colonies [70]. After detachment of the induced cells only a shell of
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non-induced cell remains, until the growing colony enters a new cycle of induction and detach-
ment. On the biofilm scale, this can translate into waves of detachment and re-growth, which is
connected with oscillations in biofilm mass and (effective) -thickness. It was reported in [71]
that such periodic detachment was mediated by quorum sensing induced surfactant produc-
tion in S. aureus and speculated that this is a widespread mechanism in the bacterial world.
Other released factors such as quorum sensing controlled exoprotease also have been found to
promote detachment [72]. Generation of voids in biofilms or colonies caused by quorum sens-
ing induced dispersal also occurs in other species, such as Pseudomonas aeruginosa[73]; [74]
reported a rather continuously dispersal behavior in a P. aeruginosa biofilm.

Our study showed how cells principally can modify a number of critical traits such as bio-
film thickness, -biomass and fraction of dispersed cells by shifting QS threshold and dispersal
rates. Even more, such shifts can switch dynamics of dispersal, biomass growth and autoindu-
cer concentration between more continuously and discrete; the latter resulting in an oscillatory
behavior. In case of such periodicity, amplitude and frequency can be changed via the same
regulated parameters. In fact, experimental studies showed that cell dispersal rates can be pro-
moted by environmental factors like nutrient depletion [14, 75, 76]. Similarly, environmental
stresses like starvation often result in a promotion of quorum sensing induction [53]. This can
be achieved by regulation of autoinducer receptor or autoinducer synthase, which directly or
indirectly corresponds to a shift of the threshold for induction [77–82].

Ecological relevance of biofilm and dispersal parameters
Thickness and biomass have significant impact on the ecological functionality of biofilms.
Growth in biofilms protects bacteria from environmental challenges such as antibiotica or
other toxic substances, immune response in hosts, grazing stress from protozoa, and mechani-
cal washout. Furthermore, it facilitates cooperation between cells. Most of these aspects are
promoted with increasing biofilm thickness. Contrarily, competition for resources, such as
nutrients, and waste accumulation impede growth of populations in biofilms of increasing
thickness.

For colonization of new habitats bacteria in biofilms usually enter the planktonic state as
single cells or in smaller groups with little EPS protection. The death rate in plankton is higher.
Thus the decision between planktonic and biofilm states is a trade-off. It depends on a number
of factors such as nutrient supply and pressure by competitors or predators, and therefore
needs to be controlled by the cells, in order to promote fitness by keeping the biofilm at an opti-
mal size. Our simulations indicate that biofilm dispersal tied to quorum sensing is a mecha-
nism by which the biofilm could achieve this. Integration of nutrient or other stress aspects
into the information carried by autoinducers probably allows the cells in a population for a
coordinate response to environmental challenges, optimized with respect to efficiency under
the actual habitat conditions [53, 83].

It has been shown experimentally that the vast majority of cells produced in a biofilm will
eventually detach and enter the aqueous phase [84, 85] and it was suggested that being a “cell
nursery”, i.e. a source of planktonic cells, is one of the functions of biofilms [86]. Our results
are in agreement with this as we have seen that even maximum dispersal rates much smaller
than maximum growth rates can lead to substantially more than 90% of cells detaching, both
in a periodic or in a continuous dispersal mode. Moreover, experiments have indicated that
dispersal of cells into the aqueous phase can occur at all stages of biofilm development, includ-
ing small colonies that still grow or larger fully established colonies [15, 85, 87]; our simulations
show that this is compatible with quorum sensing controlled dispersal which, regulated by
parameters, can be observed for small and large colonies.
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The outcome that the systems can change between continuous and oscillating behaviour by
shifting one or a few controlled parameter values has some interesting ecological implications.
Larger oscillatory detachment events will periodically move the biofilm thickness away from
the optimal values with respect to the above mentioned fitness trade-off. On the other hand,
such a coordinated detachment strategy might save costs for each involved cell, e.g. for the pro-
duction of surfactants required for the removal from the biofilm matrix, and minimize loss by
predators as known for mass events in eukaryotes. Although it is intriguing to assume that this
degree of freedom is used by the cells to optimize behavior in a way dependent on the environ-
mental conditions to optimize the fitness, this has to be confirmed experimentally yet.

While detachment and dispersal are central features for the fitness and thus quite well
investigated, relatively little is known about the dynamics and the underlying mechanisms.
Although experimental studies with different species reported continuous and oscillatory dis-
persal behavior, to the best of our knowledge none investigated whether and under which con-
ditions both can occur in the same species. Thus the model presented here gives some valuable
indications. Although our model focuses on quorum sensing and dispersal, the outcome has an
impact on a variety of other bacterial traits. Usually a bacterial quorum sensing system does
not regulate just a single gene or phenotype, but up to several hundred genes and consequently
a variety of phenotype aspects, including interaction with potential hosts [88–91]

Thus, the strong effect of the interplay of quorum sensing and dispersal on the quorum
sensing dynamics is directly connected with bacterial properties such as virulence in humans,
animals or plants, but also to beneficial activities in other bacterial species. In summary, the
interplay of quorum sensing and detachment under the influence of nutrients affects growth
dynamics, structure and function of biofilms. Regulating this interplay adds a degree of free-
dom to bacterial biofilms in response to environmental conditions.

Evolutionary advantage of QS regulated dispersal
Although a thorough evolutionary analysis is beyond the scope of our study, it provides some
hints to answer the question why QS control of dispersal might be advantageous. Beside the
potential fitness benefits discussed above, i.e. keeping biofilm growth/thickness and dispersal
in an optimized balance, this control design enables a young colony or biofilm to focus first on
growth, i.e. to maximize the protection rendered by attached growth in EPS matrices as fast as
possible Fig 4. Note that such a behavior could, in principle, also be reached by a more direct
control of dispersal e.g. in dependency on nutrient depletion. Quorum sensing control allows
for an integration of the specific information of each cell at its specific side in a spatially struc-
tured communication, enabling a response optimized rather with respect to the situation of
each cell within the entire population than to the situation of isolated cells [83]. This is of spe-
cial relevance in spatially structured populations, as e.g. cells in lower layers of the biofilm may
be exposed to stronger nutrient stress, potentially resulting in an up-regulation of autoinducer
production. As a result, the cell is enabled for a contextual interpretation of the state of the
neighbouring cells relative to its own. Furthermore, QS control of dispersal promotes synchro-
nization of response within the population, as seen e.g. in the oscillatory behavior.

Treatment consequences
Understanding the mechanisms that control biofilm dispersal and quorum sensing dynamics is
of crucial interest from the human perspective, e.g. to develop and optimize treatment strate-
gies which consider or even exploit this interplay. As quorum sensing is a master regulator of
virulence in most known pathogens, strategies for an efficient suppression are highly desirable
and have been proposed as an alternative for antibiotics [51, 92]. On the one hand, promotion
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of detachment by other, non-quorum-sensing related inductors would help to diminish or
avoid virulence and, by limiting or even decreasing biofilm thickness, could promote effective-
ness of antibiotic treatment. Detached, i.e. planktonic cells are assumed to be more vulnerable
for antibiotica treatment, e.g. [75]. If a sufficiently high dose of antibiotics is supplied, a treat-
ment which shifts the population towards the planktonic state will probably support an eradi-
cation of the infection [86].

To go even a step further, shifting the detachment towards an oscillating behavior might be
another or an additional strategy, as thinner biofilms, which periodically emerge, combined
with a larger fraction of cells in the planktonic state, could be more susceptible to antibiotics.
Possible treatments include drugs which directly affect quorum sensing systems and/or detach-
ment e.g. by blocking or mimicking autoinducers. Such treatment strategies are currently
under development (see e.g. [93]). Our study indicates that in future more indirect treatments,
e.g. via modulating nutritional or stress conditions, could aim at mechanisms which down-reg-
ulate quorum sensing threshold or up-regulate dispersal.

Antibiotic treatments might be associated with additional effects relevant for signaling,
which are not regarded in our model, e.g. emergence of layers of dead cells possibly interfering
with signal diffusion, and up-regulation of quorum sensing activity by low sublethal drug con-
centrations which might occur in lower parts of a biofilm [79, 94]. The net effect of such new
strategies should be estimated by a combination of experimental and mathematical modeling
studies. Thus, a detailed knowledge about the interplay of quorum sensing, dispersal and
nutrients is of high interest. Our study attempts to be a first step for such new and promising
strategies.

Conclusion
In summary, our in silico experiments suggest the following conclusions:

• Dispersal of cells from the biofilm into the aqueous environment balances growth of the bio-
film and is important for downstream colonization. Coupling the dispersal rate to quorum
sensing provides the opportunity for the biofilm colony to first invest in itself and to grow
to a certain community size before shifting to a mode of producing cells for downstream
proliferation.

• A single quorum sensing based mechanism can explain both, periodic dispersal in discrete
events and continuous dispersal, depending on parameters. It can also, and again in depen-
dence of parameters, explain cell dispersal from smaller and larger colonies. It also provides a
potential mechanism for the biofilm to regulate dispersal in dependence of its size and to
ensure a certain colony strength.

• Surface attached microcolonies of biofilms undergo internal changes during seeding dis-
persal. Quorum sensing induced cell dispersal may affect the structure and architecture of
the biofilm and can leave behind “hollow” shell-like structure which are less dense with few
cells inside. In this process of dispersal, only very few of the dispersed cells get re-attached to
the biofilm, hence we conclude that the re-attachment of dispersed bacterial cells is very
negligible.

• Quorum sensing triggered seeding dispersal can lead to a substantial amount of cells pro-
duced in a biofilm under protected conditions to be shed into the environment. This
supports the notion that biofilm act as cell nurseries in the facilitation of downstream
colonization.
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• Interfering with the quorum sensing mechanism and enhancing dispersal might make the
biofilm more vulnerable to antibiotics; on the other hand suppressing quorum sensing might
make the biofilm more susceptible to mechanical removal and slow down the biofilm’s
potential for downstream colonization

Supporting Information
S1 Appendix. Additional simulation results.
(PDF)

Author Contributions
Conceived and designed the experiments: BOE BAH CK HJE. Performed the experiments:
BOE. Analyzed the data: BOE HJE. Wrote the paper: BOE BAH CK HJE.

References
1. Wanner O, Reichert P. Mathematical modeling of mixed-culture biofilm. Journal of Biotechnology and

Bioengineering, 49(2):172–184 (1996) doi: 10.1002/(SICI)1097-0290(19960120)49:2%3C172::AID-
BIT6%3E3.0.CO;2-N

2. Donlan RM. Biofilms and Device-Associated Infections. Journal of Emerging Infectious Diseases.
Vol.7, No.2, March-April 2001 doi: 10.3201/eid0702.010226

3. Marsh PD. Dental plaque as a biofilm and a microbial community implications for health and disease.
BMCOral Health, 6(Suppl 1):14 (2006) PMCID:PMC2147593 doi: 10.1186/1472-6831-6-S1-S14

4. Parsek MR, Singh PK. Bacterial Biofilms: an emerging link to disease pathogenesis. Annual Reviews
of Microbiology, 57:677–701 (2003) doi: 10.1146/annurev.micro.57.030502.090720

5. Beech IB, Sunner J. Biocorrosion: towards understanding interactions between biofilms and metals.
Journal of Current Opinion in Biotechnology, 15:181–186 (2004) doi: 10.1016/j.copbio.2004.05.001

6. Fratamico PM, Annous BA, Gunther NW IV (eds). Biofilms in the food and beverage industries, CRC
Press (2009)

7. Van Houdt R, Michiels C. Biofilm formation and the food industry, a focus on the bacterial outer surface.
Journal of Applied Microbiology, 109(4):1117–1131 (2010) doi: 10.1111/j.1365-2672.2010.04756.x
PMID: 20522145

8. Kaplan JB. Biofilm Dispersal: Mechanisms, Clinical Implications, and Potential Therapeutic Uses. Jour-
nal of Dental Research, 89(3):205–218 (2010) doi: 10.1177/0022034509359403 PMID: 20139339

9. Boles BR, Thoendel M, Singh PK. Rhamnolipids mediate detachment of Pseudomonas aeruginosa
from biofilms. Journal of Molecular Microbiology, 57(5):1210–1223 (2005) doi: 10.1111/j.1365-2958.
2005.04743.x

10. Kirov SM,Webb JS, Kjelleberg S. Clinical significance of seeding dispersal in biofilms. Journal of Micro-
biology, 151(11):3452–3453 (2005) doi: 10.1099/mic.0.28295-0

11. Ma L, Conover M, Lu H, Parsek MR, Bayles K, Wozniak DJ. Assembly and development of the Pseudo-
monas aeruginosa biofilm matrix. PLoS Pathogens, 5(3):e1000354 (2009) doi: 10.1371/journal.ppat.
1000354

12. Boyd A, Chakrabarty AM. Role of Alginate Lyase in Cell detachment of Pseudomonas Aeruginosa.
Journal of Applied and Environmental Microbiology 1994, 60(7): 2355–2359 (1994) PMCID:
PMC201655

13. Davey ME, Caiazza NC, O’Toole GA. Rhamnolipid Surfactant Production Affects Biofilm architecture in
Pseudomonas Aeruginosa PAO1. Journal of Bacteriology, 185(3):1027–1036 (2003) doi: 10.1128/JB.
185.3.1027-1036.2003 PMID: 12533479

14. Hunt SM,Werner EM, Huang B, Hamilton MA, Stewart PS. Hypothesis for the Role of Nutrient Starva-
tion in Biofilm Detachment. Journal of Applied and Environmental Microbiology, 70((12)):7418–7425
(2004) doi: 10.1128/AEM.70.12.7418-7425.2004

15. Barraud N, Hassett DJ, Hwang SH, Rice SA, Kjelleberg S, Webb JS. Involvement of Nitric Oxide in Bio-
film dispersal of Pseudomonas Aeruginosa. Journal of Bacteriology, 188:7344–7353 (2006) doi: 10.
1128/JB.00779-06 PMID: 17050922

Modeling of Quorum Sensing Induced Biofilm Detachment

PLOS ONE | DOI:10.1371/journal.pone.0132385 July 21, 2015 21 / 25

http://www.plosone.org/article/fetchSingleRepresentation.action?uri=info:doi/10.1371/journal.pone.0132385.s001
http://dx.doi.org/10.1002/(SICI)1097-0290(19960120)49:2%3C172::AID-BIT6%3E3.0.CO;2-N
http://dx.doi.org/10.1002/(SICI)1097-0290(19960120)49:2%3C172::AID-BIT6%3E3.0.CO;2-N
http://dx.doi.org/10.3201/eid0702.010226
http://dx.doi.org/10.1186/1472-6831-6-S1-S14
http://dx.doi.org/10.1146/annurev.micro.57.030502.090720
http://dx.doi.org/10.1016/j.copbio.2004.05.001
http://dx.doi.org/10.1111/j.1365-2672.2010.04756.x
http://www.ncbi.nlm.nih.gov/pubmed/20522145
http://dx.doi.org/10.1177/0022034509359403
http://www.ncbi.nlm.nih.gov/pubmed/20139339
http://dx.doi.org/10.1111/j.1365-2958.2005.04743.x
http://dx.doi.org/10.1111/j.1365-2958.2005.04743.x
http://dx.doi.org/10.1099/mic.0.28295-0
http://dx.doi.org/10.1371/journal.ppat.1000354
http://dx.doi.org/10.1371/journal.ppat.1000354
http://dx.doi.org/10.1128/JB.185.3.1027-1036.2003
http://dx.doi.org/10.1128/JB.185.3.1027-1036.2003
http://www.ncbi.nlm.nih.gov/pubmed/12533479
http://dx.doi.org/10.1128/AEM.70.12.7418-7425.2004
http://dx.doi.org/10.1128/JB.00779-06
http://dx.doi.org/10.1128/JB.00779-06
http://www.ncbi.nlm.nih.gov/pubmed/17050922


16. Rice SA, Koh KS, Queck SY, Labbate M, Lam KW, Kjelleberg S. Biofilm formation and sloughing in Ser-
ratia marcescens are controlled by quorum sensing and nutrient cues. Journal of Bacteriology, 187
((10)):3477–3485 (2005)

17. Solano C, Echeverz M, LasaI. Biofilm dispersion and quorum sensing. Current Opinion in Microbiology,
18:96–104 (2014) doi: 10.1016/j.mib.2014.02.008 PMID: 24657330

18. Webb JS. Differentiation and dispersal in biofilms, Book chapter in “The Biofilm Mode of Life: Mecha-
nisms and Adaptations”, Horizon Bioscience, Oxford (2007), pp. 167–178

19. Chmielewski RAN, Frank JF. Biofilm formation and control in food processing facilities. Comprehensive
Reviews in Food Science and Food Safety, 2((1)):22–32 (2003) doi: 10.1111/j.1541-4337.2003.
tb00012.x

20. Wen Zhang. Characterization of passive and active biofilm detachment. 2011, e-pub Purdue
University.

21. Ben-Jacob E, Becker I, Shapira Y, Levine H. Bacterial linguistic communication and social intelligence.
Trends Microbiol 2004 12(8):366–372 doi: 10.1016/j.tim.2004.06.006 PMID: 15276612

22. Frederick MR, Kuttler C, Hense BA, Eberl HJ. A mathematical Model of Quorum Sensing in regulated
EPS production in biofilm communities. Journal of Theoretical Biology and Medical Modeling, 8:8
(2011)

23. Thomas MS, Moselio S. Topics in Ecological and Environmental Microbiology published by academic
press of Elsevier chapter 19, 2012, pages 265–282

24. Fekete A, Kuttler C, Rothballer M, Hense BA, Fischer D, Buddrus-Schiemann K, et al. Dynamic Regula-
tion of N-Acyl-homoserine Lactone Production and Degradation in Pseudomonas putida IsoF. FEMS
Microbiology Ecology, 72((1)):22–34 (2010) doi: 10.1111/j.1574-6941.2009.00828.x PMID: 20100181

25. Beenken KE, Blevins JS, Smeltzer MS. Mutation of sarA in Staphylococcus aureus limits biofilm forma-
tion. Journal of Infectious Disease and Immunity, 71((7)):4206–4211 (2003)

26. Vuong C, Saenz HL, Gotz F, Otto M. Impact of the agr quorum sensing system on adherence to polysty-
rene in Staphylococcus aureus. Journal of Infectious Diseases, 182((6)):1688–1693 (2000) doi: 10.
1086/317606 PMID: 11069241

27. Wanner O, Gujer W. A multispecies biofilm model. Journal of Biotechnology and Bioengineering, 28
((3)):314–328 (1986) doi: 10.1002/bit.260280304

28. Wanner O, Eberl HJ, Morgenroth E, Noguera DR, Picioreanu C, Rittmann BE, and van Loosdrecht
MCM. Mathematical modeling of Biofilms. IWA Publishing, London (2006).

29. Kreft JU, Booth G, Wimpenny JWT. BacSim, a simulator for individual-based modelling of bacterial col-
ony growth. Journal of Microbiology, 144:3275–3287 (1998) doi: 10.1099/00221287-144-12-3275

30. Kreft JU, Picioreanu C, Wimpenny JWT, van Loosdrecht MCM. Individual-based modeling of biofilms.
Journal of Microbiology, 147((11)):2897–2912 (2001)

31. Tatek YB, Slater GW. A simulation model of biofilms with autonomous cells: Analysis of a two-dimen-
sional version. Physica A:Statistical Mechanics and its Applications, 362((2)):382–402 (2006) doi: 10.
1016/j.physa.2005.08.011

32. Chambless JD, Hunt SM, Stewart PS. A three-dimensional computer model of four hypothetical mecha-
nisms protecting biofilms from antimicrobials. Journal of Applied Environmental Microbiology, 72
((3)):2005–2013 (2006) PMCID:PMC1393201 doi: 10.1128/AEM.72.3.2005-2013.2006

33. Picioreanu C, van Loosdrecht MCM, Heijnen JJ. Mathematical modeling of biofilm structure with a
hybrid differential-discrete cellular automaton approach. Journal of Biotechnology and Bioengineering,
58((1)):101–116 (2001)

34. Pizarro GE, Teixeira J, Sepulveda M, Noguera DR. Bitwise implementation of a 2D cellular automata
biofilm model. Journal of Computing in Civil Engineering, 19((3)):258–268 (2005) doi: 10.1061/(ASCE)
0887-3801(2005)19:3(258)

35. Chopp DL. Simulating bacterial biofilms. In Deformable Models. Edited by: Suri JS, Farag AA. Biomedi-
cal and Clinical Applications. Springer (2007), Pages 1–31

36. Dockery JD, Keener JP. A mathematical Model for Quorum Sensing in Pseudomonas aeruginosa. Bul-
letin of Mathematical Biology, 63:95–116 (2001) doi: 10.1006/bulm.2000.0205 PMID: 11146885

37. Eberl HJ, Parker DF, van Loosdrecht MCM. A new deterministic spatio-temporal continuummodel for
biofilm development. Journal of Theoretical Medicine, 3:161–175 (2001) doi: 10.1080/
10273660108833072

38. Morgenroth E, Wilderer PA. Influence of detachment mechanisms of competition in biofilm. Water
Research, 34((2)):417–426 (2000) doi: 10.1016/S0043-1354(99)00157-8

Modeling of Quorum Sensing Induced Biofilm Detachment

PLOS ONE | DOI:10.1371/journal.pone.0132385 July 21, 2015 22 / 25

http://dx.doi.org/10.1016/j.mib.2014.02.008
http://www.ncbi.nlm.nih.gov/pubmed/24657330
http://dx.doi.org/10.1111/j.1541-4337.2003.tb00012.x
http://dx.doi.org/10.1111/j.1541-4337.2003.tb00012.x
http://dx.doi.org/10.1016/j.tim.2004.06.006
http://www.ncbi.nlm.nih.gov/pubmed/15276612
http://dx.doi.org/10.1111/j.1574-6941.2009.00828.x
http://www.ncbi.nlm.nih.gov/pubmed/20100181
http://dx.doi.org/10.1086/317606
http://dx.doi.org/10.1086/317606
http://www.ncbi.nlm.nih.gov/pubmed/11069241
http://dx.doi.org/10.1002/bit.260280304
http://dx.doi.org/10.1099/00221287-144-12-3275
http://dx.doi.org/10.1016/j.physa.2005.08.011
http://dx.doi.org/10.1016/j.physa.2005.08.011
http://dx.doi.org/10.1128/AEM.72.3.2005-2013.2006
http://dx.doi.org/10.1061/(ASCE)0887-3801(2005)19:3(258)
http://dx.doi.org/10.1061/(ASCE)0887-3801(2005)19:3(258)
http://dx.doi.org/10.1006/bulm.2000.0205
http://www.ncbi.nlm.nih.gov/pubmed/11146885
http://dx.doi.org/10.1080/10273660108833072
http://dx.doi.org/10.1080/10273660108833072
http://dx.doi.org/10.1016/S0043-1354(99)00157-8


39. Xavier JB, Picioreanu C, van Loosdrecht MCM. A General Description of Detachment for Multidimen-
sional Modeling of Biofilms. Journal of Biotechnology and Bioengineering, 91:651–669 (2005) doi: 10.
1002/bit.20544

40. Abbas F, Sudarsan R, Eberl HJ. Longtime behavior of one-dimensional biofilm models with shear
dependent detachment rates. Math.Biosc. Eng., 2012 9(2)

41. Duddu R, Chopp DL, Moran B. A two-dimensional continuummodel of biofilm growth incorporating fluid
flow and shear stress based detachment. Journal of Biotechnology and Bioengineering, 103(1):92–
104 (2008) doi: 10.1002/bit.22233

42. Picioreanu C, van Loosdrecht MC, Heijnen JJ. Two-dimensional model of biofilm detachment caused
by internal stress from liquid flow. Journal of Biotechnology Bioengineering, 72((2)):205–218 (2001)
doi: 10.1002/1097-0290(20000120)72:2%3C205::AID-BIT9%3E3.0.CO;2-L

43. Sudarsan R, Gosh S, Stockie M, Eberl HJ. Simulating fluid shear induced deformation and detachment
in 2D biofilms using the immersed boundary method, arXiv:1501.07221v1 [physics.flu-dyn] (2015)

44. Hunt SM, Hamilton MA, Sears JT, Harkin G, Reno J. A computer investigation of chemically mediated
detachment in bacterial biofilms. Journal of Microbiology, 149((5)):1155–1163 (2003) doi: 10.1099/mic.
0.26134-0

45. Xavier JB, Picioreanu C, Rani SA, van Loosdrecht MCM, Stewart PS. Biofilm-control strategies based
on enzymic disruption of the extracellular polymeric substance matrix—a modeling study. Journal of
Microbiology, 151((12)):3817–3832 (2005) doi: 10.1099/mic.0.28165-0

46. de Monte S, d’Ovidio F, Dano S, Sorensen PG. Dynamical quorum sensing: Population density
encoded in cellular dynamics. 104((47)):18377–18381 (2007)

47. Kuttler C, Hense BA. Interplay of two quorum sensing regulation systems of Vibrio fischeri, Journal of
Theoretical Biology, 251((1)):167–180 (2008) doi: 10.1016/j.jtbi.2007.11.015 PMID: 18164038

48. Muller J, Kuttler C, Hense BA. Cell-Cell Communication by Quorum Sensing and Dimension-Reduc-
tion. Journal of Mathematical Biology, 53:672–702 (2006) doi: 10.1007/s00285-006-0024-z PMID:
16897015

49. Vaughan BL, Smith BG, Chopp DL. The influence of fluid flow on modeling quorum sensing in bacterial
biofilms. Bulletin of Mathematical Biology, 72((5)):1143–65 (2010). doi: 10.1007/s11538-009-9485-8
PMID: 20146020

50. Ward JP, King JR, Koerber AJ, Williams P, Croft JM, Sockett RE. Mathematical modeling of quorum
sensing in bacteria. Journal of mathematical Medicine and Biology, 18((3)):263–292 (2001) doi: 10.
1093/imammb/18.3.263

51. Anguige K, King JR, Ward JP. Modeling Antibiotic and Anti-Quorum Sensing Treatment of a Spatially
Structured Pseudomonas Aeruginosa Population, Journal of Mathematical Biology 2005, 51:557–594.
doi: 10.1007/s00285-005-0316-8 PMID: 16012802

52. Frederick MR, Kuttler C, Hense BA, Muller J, Eberl HJ. A mathematical model of quorum sensing in pat-
chy biofilm communities with slow background flow. Canadian Applied Mathematics Quarterly, 18
((3)):267–298 (2010)

53. Hense BA, Kuttler C, Müller J, Rothballer M, Hartman A, Kreft JU. Does efficiency sensing unify diffu-
sion and quorum sensing? Nature Reviews Microbiology, 5:230–239 (2007) doi: 10.1038/nrmicro1600
PMID: 17304251

54. Dockery J, Klapper I. Finger formation in biofilm layers. SIAM Journal on Applied Mathematics, 62
((3)):853–869 (2001)

55. Khassehkhan H, Hillen T, Eberl HJ. A nonlinear master equation for a degenerate diffusion model of
biofilm growth. Lecture Notes in Computer Science, 5544:735–744 (2009) doi: 10.1007/978-3-642-
01970-8_73

56. D’Acunto B, Frunzo L, Klapper I, Mattei MR. Modeling multispecies biofilms including new bacterial
species invasion. Journal of Mathematical Bioscience, 259:20–26

57. Muhammad N, Eberl HJ. Model parameter uncertainties in a dual-species biofilm competition model
affect ecological output parameters much stronger than morphological ones. Journal of Mathematical
Bioscience, 233((1)):1–18 (2011) doi: 10.1016/j.mbs.2011.05.006

58. Stewart PS. Diffusion in biofilms. Journal of Bacteriology, 185((5)):1485–1491 (2003) doi: 10.1128/JB.
185.5.1485-1491.2003 PMID: 12591863

59. Efendiev MA, Eberl HJ, Zelik SV. Existence and Longtime Behavior of Solutions of a Nonlinear Reac-
tion-Diffusion System Arising in the modeling of Biofilms RIMS Kyoto Kokyuroko 2002, 1258:49–71

60. Efendiev MA, Zelik SV, Eberl HJ. Existence and longtime behavior of a biofilm model. Communication
on Pure and Applied Analysis, 8((2)):509–531 (2009)

Modeling of Quorum Sensing Induced Biofilm Detachment

PLOS ONE | DOI:10.1371/journal.pone.0132385 July 21, 2015 23 / 25

http://dx.doi.org/10.1002/bit.20544
http://dx.doi.org/10.1002/bit.20544
http://dx.doi.org/10.1002/bit.22233
http://dx.doi.org/10.1002/1097-0290(20000120)72:2%3C205::AID-BIT9%3E3.0.CO;2-L
http://dx.doi.org/10.1099/mic.0.26134-0
http://dx.doi.org/10.1099/mic.0.26134-0
http://dx.doi.org/10.1099/mic.0.28165-0
http://dx.doi.org/10.1016/j.jtbi.2007.11.015
http://www.ncbi.nlm.nih.gov/pubmed/18164038
http://dx.doi.org/10.1007/s00285-006-0024-z
http://www.ncbi.nlm.nih.gov/pubmed/16897015
http://dx.doi.org/10.1007/s11538-009-9485-8
http://www.ncbi.nlm.nih.gov/pubmed/20146020
http://dx.doi.org/10.1093/imammb/18.3.263
http://dx.doi.org/10.1093/imammb/18.3.263
http://dx.doi.org/10.1007/s00285-005-0316-8
http://www.ncbi.nlm.nih.gov/pubmed/16012802
http://dx.doi.org/10.1038/nrmicro1600
http://www.ncbi.nlm.nih.gov/pubmed/17304251
http://dx.doi.org/10.1007/978-3-642-01970-8_73
http://dx.doi.org/10.1007/978-3-642-01970-8_73
http://dx.doi.org/10.1016/j.mbs.2011.05.006
http://dx.doi.org/10.1128/JB.185.5.1485-1491.2003
http://dx.doi.org/10.1128/JB.185.5.1485-1491.2003
http://www.ncbi.nlm.nih.gov/pubmed/12591863


61. Langebrake J, Dilanji GE, Hagan SJ, De Leenheer P. Traveling waves in response to a diffusing quo-
rum sensing signal in spatially-extended bacterial colonies Journal of Theoretical Biology, 363:53–61
(2014)

62. Eberl HJ, Sudarsan R. Exposure of biofilms to slow flow fields: the convective contribution to growth
and disinfections. Journal of Theoretical Biology, 253((4)):788–807 (2008) doi: 10.1016/j.jtbi.2008.04.
013 PMID: 18547590

63. Kaplan HB, Greenberg EP. Diffusion of autoinducer is involved in regulation of the Vibrio fischeri lumi-
nescence system. Journal of Bacteriology, 163:1210–1214 (1985) PMID: 3897188

64. Eberl HJ, Demaret, L. A finite difference scheme for a degenerated diffusion equation arising in micro-
bial ecology El. Journal of Differential Equations. Conference 15 (2007), pp.77–95

65. Muhammad N, Eberl HJ. OpenMP Parallelization of a Mickens Time-Integration Scheme for a Mixed-
Culture Biofilm Model and its Performance on Multi-core and Multi-processor Computers. Lecture
Notes in Computer Science, 5976:180–195 (2010) doi: 10.1007/978-3-642-12659-8_14

66. Saad Y. Iterative Methods for Sparse Linear Systems. SIAM Society for Industrial and Applied Mathe-
matics (2003)http://www-users.cs.umn.edu/saad/books.html

67. D’Argenio DA, Calfee MW, Rainey PB, Pesci EC. Autolysis and autoaggregation in Pseudomonas aer-
uginosa colony morphology mutants. Journal of Bacteriology, 184((23)):6481–6489 (2002) doi: 10.
1128/JB.184.23.6481-6489.2002 PMID: 12426335

68. Smoller J. ShockWaves and Reaction-Diffusion Equations, Springer, New York-Heidelberg-Berlin,
1983

69. Nadell CD, Xavier JB, Goster KR. The sociobiology of biofilms. FEMSMicrobiology Reviews, 33
((1)):206–224 (2009) doi: 10.1111/j.1574-6976.2008.00150.x PMID: 19067751

70. Yarwood J, Bartels D, Volper E, Greenberg E. Quorum sensing in Staphylococcus aureus biofilms.
Journal of Bacteriology, 186:1838–1850 (2004) doi: 10.1128/JB.186.6.1838-1850.2004 PMID:
14996815

71. Periasamy S, Joo HS, Duong AC, Bach THL, Tan VY, Chatterjee SS, Cheung GYC, Otto M. How
Staphylococcus aureus biofilms develop their characteristic structure. Proceedings of National Acad-
emy of Sciences, 109((4)):1281–1286 (2012) doi: 10.1073/pnas.1115006109

72. Bollinger N, Hassett DJ, Iglewski BH, Costerton JW, McDermott TR. Gene expression in Pseudomonas
aeruginosa: evidence of iron override effects on quorum sensing and biofilm-specific gene regulation.
Journal of Bacteriology, 183((6)):1990–1996 (2001) PMCID: PMC95094 doi: 10.1128/JB.183.6.1990-
1996.2001 PMID: 11222597

73. Davies DG, Marques CNH. A Fatty Acid Messenger Is Responsible for Inducing Dispersion in Microbial
Biofilms. Journal of Bacteriology, 191((5)):1393–1403 (2009) doi: 10.1128/JB.01214-08 PMID:
19074399

74. Wilson S, Hamilton MA, Hamilton GC, Schumann MR, Stoodley P. Statistical Quantification of Detach-
ment Rates and Size Distributions of Cell Clumps fromWild-Type (PAO1) and Cell Signaling Mutant
(JP1) Pseudomonas aeruginosa Biofilms. Journal of Applied Environmental Microbiology, 70
((10)):5847–5852 (2004) doi: 10.1128/AEM.70.10.5847-5852.2004

75. Boles BR, Horswill AR. agr-mediated dispersal of Staphylococcus aureus biofilms. PLOS Pathogens,
4(4): e1000052. doi: 10.1371/journal.ppat.1000052 PMID: 18437240

76. Sawyer LK, Hermanowicz SW. Detachment of biofilm bacteria due to variations in nutrient supply. Jour-
nal of Water Science and Technology, 37(4–5):211–214 (1998) doi: 10.1016/S0273-1223(98)00108-5

77. Adar YY, Simaan M, Ulitzur S. Formation of the LuxR protein in the Vibrio fischeri lux system is con-
trolled by HtpR through the GroESL proteins. J. Bacteriol. 1992 17: 7138–7143

78. Adar YY, Ulitzur S. GroESL proteins facilitate binding of externally added inducer by LuxR protein-con-
taining Escherichia Coli cells. J.Biolumin. Chemilumin. 1993 8:261–266. doi: 10.1002/bio.1170080506
PMID: 7993392

79. Krol E, Becker A. Global transcriptional analysis of the phosphate starvation response in Sinorhizobium
melilotistrains 1021 and 2011. Journal of Molecular Genetics and Genomics, 272((1)):1–17 (2004)

80. LiangW, Sultan SZ, Silva AJ, Benitez JA. Cyclic AMP post transcriptionally regulates the biosynthesis
of a major bacterial autoinducer to modulate the cell density required to activate quorum sensing. Jour-
nal of FEBS Letters, 582( 27:3744–3750 (2008) doi: 10.1016/j.febslet.2008.10.008

81. Mellbye B, Schuster M. Physiological Framework for the Regulation of Quorum Sensing-Dependent
Public Goods in Pseudomonas aeruginosa. Journal of Bacteriology 196(6):1155–1164 (2014) PMCID:
PMC3957720 doi: 10.1128/JB.01223-13 PMID: 24375105

82. Slater H, CrowM, Everson L, Salmond GP. Phosphate availability regulates biosynthesis of two antibi-
otics, prodigiosin and carbapenem, in Serratia via both quorum-sensing-dependent and -independent
pathways. Journal of Molecular Microbiology, 47((2)):303–320 (2003)

Modeling of Quorum Sensing Induced Biofilm Detachment

PLOS ONE | DOI:10.1371/journal.pone.0132385 July 21, 2015 24 / 25

http://dx.doi.org/10.1016/j.jtbi.2008.04.013
http://dx.doi.org/10.1016/j.jtbi.2008.04.013
http://www.ncbi.nlm.nih.gov/pubmed/18547590
http://www.ncbi.nlm.nih.gov/pubmed/3897188
http://dx.doi.org/10.1007/978-3-642-12659-8_14
http://www-users.cs.umn.edu/saad/books.html
http://dx.doi.org/10.1128/JB.184.23.6481-6489.2002
http://dx.doi.org/10.1128/JB.184.23.6481-6489.2002
http://www.ncbi.nlm.nih.gov/pubmed/12426335
http://dx.doi.org/10.1111/j.1574-6976.2008.00150.x
http://www.ncbi.nlm.nih.gov/pubmed/19067751
http://dx.doi.org/10.1128/JB.186.6.1838-1850.2004
http://www.ncbi.nlm.nih.gov/pubmed/14996815
http://dx.doi.org/10.1073/pnas.1115006109
http://dx.doi.org/10.1128/JB.183.6.1990-1996.2001
http://dx.doi.org/10.1128/JB.183.6.1990-1996.2001
http://www.ncbi.nlm.nih.gov/pubmed/11222597
http://dx.doi.org/10.1128/JB.01214-08
http://www.ncbi.nlm.nih.gov/pubmed/19074399
http://dx.doi.org/10.1128/AEM.70.10.5847-5852.2004
http://dx.doi.org/10.1371/journal.ppat.1000052
http://www.ncbi.nlm.nih.gov/pubmed/18437240
http://dx.doi.org/10.1016/S0273-1223(98)00108-5
http://dx.doi.org/10.1002/bio.1170080506
http://www.ncbi.nlm.nih.gov/pubmed/7993392
http://dx.doi.org/10.1016/j.febslet.2008.10.008
http://dx.doi.org/10.1128/JB.01223-13
http://www.ncbi.nlm.nih.gov/pubmed/24375105


83. Hense BA, Müller J, Kuttler C, Hartmann A. Spatial Heterogeneity of Autoinducer Regulation Systems,
Sensors 12(4):4156–4171 (2012) PMCID:PMC3355405 doi: 10.3390/s120404156 PMID: 22666024

84. Baty AM, Eastburn CC, Techkarnjanaruk S, Goodman AE, Geesey GG. Spatial and temporal variations
in chitinolytic gene expression and bacterial biomass production during chitin degradation. Journal of
Applied Environmental Microbiology, 66((8)):3574–3585 (2000) doi: 10.1128/AEM.66.8.3574-3585.
2000

85. Bester E, Edwards EA, Wolfaardt GM. Planktonic cell yield is linked to biofilm development. Canadian
journal of Microbiology, 55((10)):1195–1206 (2009) doi: 10.1139/W09-075 PMID: 19935892

86. Bester E, Wolfaardt G, Joubert L, Garny K, Saftic S. Planktonic-Cell Yield of a Pseudomonas Biofilm.
Journal of Applied Environmental Microbiology, 71((12)):7792–7798 (2005) PMCID:PMC1317325 doi:
10.1128/AEM.71.12.7792-7798.2005

87. Bassam AA, Pina FM, James LS. Quorum Sensing in Biofilms: Why Bacteria Behave the Way They
Do. Journal of food science, Vol. 74(1):R24–R37 (2009)

88. Gilbert KG, Kim TH, Gupta R, Greenberg EP, Schuster M. Global position analysis of the Pseudomonas
aeruginosa quorum-sensing transcription factor LasR. Journal of Molecular Microbiology, 73
((6)):1072–1085 (2009) doi: 10.1111/j.1365-2958.2009.06832.x

89. Schuster M, Lostroh CP, Ogi T, Greenberg EP. Identification, timing, and signal specificity of Pseudo-
monas aeruginosa quorum-controlled genes: a transcriptome analysis. Journal of Bacteriology, 185
((7)):2066–2079 (2003) doi: 10.1128/JB.185.7.2066-2079.2003 PMID: 12644476

90. Suppiger A, Schmid N, Aguilar C, Pessi G, Eberl L. Two quorum sensing systems control biofilm forma-
tion and virulence in members of the Burkholderia cepacia complex. Journal of Virulence, 4((5)):400–
409 (2013) PMCID: PMC3714132 doi: 10.4161/viru.25338

91. Willcox MDP, Zhu H, Conibear TCR, Hume EBH, Givskov M, Kjelleberg S, Rice SA. Role of quorum
sensing by Pseudomonas aeruginosa in microbial keratitis and cystic fibrosis. Journal of Microbiology
154((8)):2184–2194 (2008) doi: 10.1099/mic.0.2008/019281-0

92. Balaban N (ed). Control of Biofilm Infections by Signal Manipulation, Springer 2008

93. Scutera S, Zucca M, Savoia D. Novel approaches for the design and discovery of quorum-sensing
inhibitors. Expert Opinion on Drug Discovery, 9((4)):353–366 (2014) doi: 10.1517/17460441.2014.
894974 PMID: 24597980

94. Bruchmann J, Kirchen S, Schwartz T. Sub-inhibitory concentrations of antibiotics and wastewater influ-
encing biofilm formation and gene expression of multi-resistant Pseudomonas aeruginosawastewater
isolates.Environmental Science and Pollution Research 20(6):3539–3549 (2013) doi: 10.1007/
s11356-013-1521-4 PMID: 23392972

Modeling of Quorum Sensing Induced Biofilm Detachment

PLOS ONE | DOI:10.1371/journal.pone.0132385 July 21, 2015 25 / 25

http://dx.doi.org/10.3390/s120404156
http://www.ncbi.nlm.nih.gov/pubmed/22666024
http://dx.doi.org/10.1128/AEM.66.8.3574-3585.2000
http://dx.doi.org/10.1128/AEM.66.8.3574-3585.2000
http://dx.doi.org/10.1139/W09-075
http://www.ncbi.nlm.nih.gov/pubmed/19935892
http://dx.doi.org/10.1128/AEM.71.12.7792-7798.2005
http://dx.doi.org/10.1111/j.1365-2958.2009.06832.x
http://dx.doi.org/10.1128/JB.185.7.2066-2079.2003
http://www.ncbi.nlm.nih.gov/pubmed/12644476
http://dx.doi.org/10.4161/viru.25338
http://dx.doi.org/10.1099/mic.0.2008/019281-0
http://dx.doi.org/10.1517/17460441.2014.894974
http://dx.doi.org/10.1517/17460441.2014.894974
http://www.ncbi.nlm.nih.gov/pubmed/24597980
http://dx.doi.org/10.1007/s11356-013-1521-4
http://dx.doi.org/10.1007/s11356-013-1521-4
http://www.ncbi.nlm.nih.gov/pubmed/23392972

