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Abstract We show that an infinite Galton—Watson tree, conditioned on its martingale limit
being smaller than ¢, agrees up to generation K with a regular p-ary tree, where w is the
essential minimum of the offspring distribution and the random variable K is strongly con-
centrated near an explicit deterministic function growing like a multiple of log(1/¢). More
precisely, we show that if ;© > 2 then with high probability, as ¢ | 0, K takes exactly one or
two values. This shows in particular that the conditioned trees converge to the regular p-ary
tree, providing an example of entropic repulsion where the limit has vanishing entropy. Our
proofs are based on recent results on the left tail behaviour of the martingale limit obtained
by Fleischmann and Wachtel [11].
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738 N. Berestycki et al.

1 Introduction

The problem of conditioning principles can be formulated in the following way: Given
that a system comprising a large number of individual components shows highly unlikely
collective behaviour, describe the conditional law of an individual component. This situation
arises frequently in statistical mechanics, when an ensemble of particles is subject to some
constraint (for example a fixed energy per particle). The distribution of the individual feature
given the constraint is then referred to as the micro-canonical distribution of the system.
The most famous result in this respect is the Gibbs conditioning principle, which loosely
speaking says that under the condition that the empirical measure

ln
L, = — Sy.

of a family of independent random variables X1, , ..., X, withlaw P belongs to some convex
set A, the law of X converges to the probability measure Q that minimizes the relative
entropy H(Q | P) subject to the constraint Q0 € A. There exist several refinements of this
result describing rigorously the precise asymptotic strategy by which the random variables
realize the large deviation event {L, € A}. See the book of Dembo and Zeitouni [7] for
more on the classical Gibbs conditioning principle, [6,8,17] for refinements, and [9,13,14]
for further examples of conditioning principles.

The present paper describes such a conditioning principle in the case of Galton—Watson
trees with a nondegenerate offspring variable N, see [12, §5.1] for a definition. Let a :=
EN > 1 be the mean offspring number, (Z,: n = 0, 1, ...) the sequence of generation
sizes of the Galton Watson tree and note that by definition Zy = 1. By the Kesten-Stigum
theorem [12, § 12.1] the martingale limit

is well-defined and almost surely strictly positive if and only if P(N = 0) = 0 and
ENlog N < oo, which we will assume from now on. Now W can be seen as a random con-
stant factor in front of a deterministic exponential growth term a”, which together determine
the leading order asymptotics of the generation size Z,,. In the framework of the preceding
paragraph the quantity W represents the collective behaviour of the branching individuals
and we are interested in the offspring distribution of individual particles given that W is
smaller than a small parameter €.

An important observation is that the offspring distribution of the conditioned tree is not
the same over all generations and the influence of the initial generations far outweighs that
of later generations. Indeed, we show that there is a sharp threshold level y (¢), satisfying

o) ~ Joz1/)
Y log(a/m)”

such that all individuals up to generation [y (g)] — 2 only produce the minimal number
n :=min{n € N: P(N = n) > 0} of offspring. Here ~ denotes that the ratio of the left-
and right-hand side converges to one as ¢ |, 0. Decomposing the population according to its
ancestry in generation k gives

1 &
W= W
j=1
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Galton—Watson Martingale Limit 739

where Wi, W», ... are independent copies of W. Using this decomposition fork = [y (¢)]—1
and assuming that the tree performs unconditionally from generation k onwards shows that
W ~ (u/a)¥ and hence log W ~ log e, showing that minimal branching up to generation
[v(e)] — 2 almost single-handedly delivers the collective requirement.

In the case u = 1 this heuristics gives essentially the full picture. Our main results
substantially refine this picture in the case where the minimal offspring number satisfies
© > 1. In this case, owing to the exponential growth of the tree at every stage, the actual
threshold level y (¢) is smaller and the conditioned tree relaxes more slowly after the threshold
value. Moreover the random generation where the first extra branching occurs is so tight that
with high probability only two values are possible. More precisely, we show that

_ log(1/e) B loglog(1/¢)
~ log(a/p) log p

y(e): + H(e),

where H is a continuous multiplicatively periodic function with period a/u, which means
that H(ea/p) = H(e) for all ¢ > 0. The first branching producing more than the minimal
number of offspring occurs in generation [y ()] — 1 or [y (¢)]. We show that for most values
of ¢ it occurs in generation [y (¢)] — 1 and, defining the random variable

K :=inf {k € N: Z; > ,uk},

we find that the size of generation K is asymptotically still given by uX with a relatively
small additive e-dependent correction. These results will be stated in full detail in Sect. 2.

2 Statement of the Main Results

Before describing our main results on the case u > 1, sometimes called Bottcher case, we
now briefly explain the situation in the ‘degenerate’ case u = 1, in which nonexponential
growth of the tree is possible. The concentration effect of the random variable K which holds
in the case u > 1 is much less pronounced in this case, but the result can be obtained by soft
arguments. We define

log(1/¢)
y(e) = Toza (D
oga
Proposition 1 There exists { > 0 such that
limsup]P’(lK —y(e)| > x|W < s) <e ™ forallx > 1. 2)
el0

In other words the time of the first branching producing more than the minimal number of
offspring occurs in generation y (¢) with a tight random correction of order one.

Because K 1 oo this implies that the Galton-Watson tree conditioned on W < ¢ converges
(in a sense detailed below) for € | O to the regular p-ary tree. This fact, which also holds in
the case i > 1, is quite remarkable when seen in a large deviations context. We shall explain
this further in the next section, after the first main result is established.

We now come to the main result of this paper, which deals with the case © > 2. More
precisely, we consider a Galton—Watson tree with offspring probabilities p, = P(N = n)
and keep the notation established above. We assume that 4 = min{n € N: p,, > 0} > 2
and also exclude the trivial case p;, = 1. Recall that K — 1 is the first generation where an
individual has more than the minimal number of offspring.
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740 N. Berestycki et al.

Theorem 2 We have
1111011@(1( =ly@lor K =[y@E1+1|W<e) =1,
&

where
_ log(1/e)  loglog(1/¢)
log(a/n) log 1t

and H is a multiplicatively periodic continuous non-random function with period a/ 1.

y(e):

+ H(e) 3)

Before giving more detailed results on the shape of the conditioned tree, we give an inter-
pretation of Theorem 2 and put it into context. To this end we denote by 7 the space of all
rooted trees with the property that every vertex has finite degree. A metric d on this space
is uniquely determined by the requirement that d (77, 75) = ¢~ ", when n is maximal with
the property that the trees 77 and 7> coincide up to the nth generation. This makes (7, d) a
complete, separable metric space. The next results also holds when p = 1.

Corollary 3 As ¢ | 0, conditionally on the event {W < ¢} the tree T converges in law on
(7, d) to the regular p-ary tree, i.e., the tree in which every vertex has exactly |u offspring.

Proof The statement is equivalent to lim, o P(Zy = /Lk |W < ¢) =1, forall k € N. This
follows directly from (2) in the case n = 1, and from Theorem 2 in the case u > 1. m]

From the point of view of large deviations theory this result is quite surprising, at least at a
first glance. One would expect that the limiting behaviour represents the optimal strategy by
which the event W = (is realized and that this strategy depends on the details of the law of N.
There seems to be no good reason why in the limit the growth rate of the tree should drop
dramatically, or in fact why it should drop at all, as we only require the constant to be small.
Above all, the probability of seeing a p-ary tree up to the nth generation may be arbitrarily
small and can certainly be much smaller than that of seeing other trees satisfying Z, < ea”.

This becomes even more intriguing if the result is put in the context of entropic repulsion,
an expression used by physicists to convey the idea that entropy maximisation may force
certain systems to obey properties that are not obviously imposed on them a priori. This
phenomenon has been studied mathematically by Bolthausen et al. [5] in the context of the
two-dimensional harmonic crystal with hard wall repulsion, and by Benjamini and Beresty-
cki [3] and [4], where it is shown that conditioning a one-dimensional Brownian motion on
some self-repelling behaviour may force the process to satisfy a strongly amplified version
of the constraint. Usually, the reason entropic repulsion may arise is in order to increase the
entropy of the system, i.e., make room for fluctuations. Thus the eventual state of the system
is a compromise between the energy cost of adopting an unusual behaviour and the entropic
benefits. Corollary 3 may be cast in this framework, as it shows that the effect of requiring
the constant W to be small is to reduce the overall exponential growth rate from a to w. If
the limiting state of the system is non-random, as it is the case in our model, what could the
entropic benefits possibly be?

The resolution of this apparent paradox comes from understanding the inhomogeneity of
the optimal strategy. While the growth rate log a is purely asymptotic, i.e. depends only on
the offspring numbers after any given generation, the growth constant W depends heavily
on the initial generations of the tree. Roughly speaking, the collection of trees which form
the optimal strategy to achieve W < ¢ have minimal offspring for roughly y (¢) generations,
which causes high entropic and energetic cost but only for a small number of generations,
and then after a while switch to growth with the natural rate loga. The initial behaviour
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Fig. 1 The time of the first branching with more than the minimal offspring

ensures that W is small at a minimal probabilistic cost, because for all but a small number of
generations the trees can have their natural growth. The topology on 7 compares trees starting
from their root so that in the limit we only see the behaviour in the initial generations. This
leads to a limiting object with minimal growth rate at all generations and creates the illusion
of a drop in the growth rate for the optimal strategy. A somewhat similar phenomenon
is observed by Bansaye and Berestycki [1], see also [2,16], in the context of branching
processes in random environment, although they consider situations where the growth rate
is directly conditioned to be atypical.

In the following two theorems we return to the case © > 1 and take a closer look at
the shape of the conditioned tree and thus on the inhomogeneous strategy underlying the
conditioning event W < ¢. Figure 1 sketches the curve y and, for each ¢, the two possible
values for K, namely [y (¢)] and [y (e)] + 1, represented by the horizontal lines. Roughly
speaking, we will see in Theorem 4 that for most ¢ the random variable K has a particular
non-random value, represented by the thick horizontal lines. For most values of ¢ we have
K = [y(e)] and only very occasionally K = [y (e)] + 1. The switch happens when y (¢)
gets too close to the integer [y (¢)]. Then, for a short range of values of ¢, marked in grey on
the zoomed picture, K is truly random and can take the values [y (¢)] and [y ()] + 1. As
¢ decreases further [y (¢)] loses its power, and K moves to [y (¢)] + 1. This, in turn, does
not last long because when ¢ decreases just a little more the curve y crosses an integer level,
and then for another long range of ¢ the random variable K takes the value [y (¢)] again.

In order to be able to formulate this precisely, we need to identify the different regions of
e. Let

_ logpu

= and o =
loga

B:

B
— (4)
1-8
and denote {x} := [x] — x, for x € R. Further, denote

SQ(M*{V(S)),I)
w(E) = ——
log(1/e)
It is easy to see that
liminfw(e) =0 and limsup w(e) = oo,
el0 €0
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742 N. Berestycki et al.

where the liminf is achieved via values of ¢ for which {y (¢)} is very small, and the limsup
is achieved via most other values of . In the sequel, if (g;) is a sequence of probabilities we
write 0 < g; < 1 to denote that the sequence is asymptotically bounded away from zero and
one. For sequences (a;), (b;) of positive numbers we use the symbol a; < b; to denote that
aj/bj is asymptotically bounded away from zero and infinity.

Theorem 4 (a) Suppose & | 0 such that w(ej) — oo. Then

lim P(K =[y(e)]| W <)) =1
j—o0o

(b) Suppose ¢; | 0 such that w(ej) < 1, then
0 < ]P’(K = [y(ej)] ‘ W < sj),P(K =[y)l+1 ‘ W < sj) < 1.
(c) Suppose € | 0 such that w(gj) — 0. Then
jlin;oP(K =[y(ej)]+1 | W < sj) =1.

Remark 1t is possible to compute the exact asymptotics in the second regime but we do not
want to overload the paper with unpleasant computations.

Next, we address the question of what happens in the generation where the first non-minimal
branching occurs. We denote

A:=min{n > u: p, > 0}. (5)

Theorem S If ¢; | O such that w(ej) — oo or w(e;) — 0O, then

. Zk —//«K A 71;71]
ll)n;o o CK = (ﬁ - l)p)»pllu >
J ks

in probability under P(- | W < ¢;).

Remark (a) The influence of the first extra branching on the next generation is very small.
Roughly, in generation K — 1 most of the individuals still have the minimal number p
of children and only a small proportion of order 2" have more than W children. It
can be seen from the proof that most of these individuals would have exactly A children.

(b) Not only does w(¢) govern the transition between the regimes, it also explicitly controls
the number of additional children. Indeed, in regime (a) in Theorem 4, when K = [y (¢)],
the number of extra individuals in generation K is of order

y(e)—K —{r©)}
HK goM — M}/(E)Jr{l/(f)}gﬂfli , (6)

which is bounded from above and below by constant multiples of @ (¢). This number can
be quite large, but as we approach the end of the regime the number of extra individuals
becomes smaller. Eventually, there are no extra individuals which means that there
is no more extra branching at time [y (¢)] — 1, and the point of transition moves to
K =Ty)]+1.

(c) We conjecture that the extra branching remains negligible for a few generations (cor-
responding roughly to the second term in the definition of y (¢)) and after that the tree
starts growing at its normal rate.

(d) We always condition on the event that W is small. Of course, it is also interesting to
study the behaviour of the tree conditioned on large values of W. Results in this direction
were obtained recently in [18].
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3 Proof of Proposition 1

To prove (2), decompose the population according to its ancestry in generation K and get
1 & 1
—_— o — /
W_QKZW,_.HKW, @)
i=1
where W; are independent copies of W, independent of Zx and K. Note that, as u = 1, the
random variable K is independent of Zg and hence of W’. Using the abbreviation

pn = P(N =n), forn € N,

and letting 7 := —log p1/log a we get from [10] or an easy argument in [15] that there exist
constants 0 < ¢; < Cj such that, forall0 < ¢ < 1,

c1e" <P(W <¢) < C€".
Hence, for £ = y(¢) — z, with y defined by (1) and z > O,
P(K=C|W<e)<c'e"P(W <ea")P(K = 0).

Since W' > Wi + W, by (7) we have P(W’' < ga’) < P(W < ga®)?. Further, P(K =) <
pll_l. Substituting this into the previous formula we get

P(K=t|W <e¢)

IA

cl_lpl_1 p‘f eTTP(W < eab)?

IA

cl_lpl_ICI2 exp(£log p1 + tloge + 2tfloga)
= c; ' py ' CT exp((log p1)2). ®)
Summing over all z > x gives, for a suitable choice of ¢ > 0,
P(K <y(e)—x|W <g) <e *.
Conversely note that, making ¢ > 0 smaller if necessary,
IP’(K > y(e)+z | W < s) < cfl e’ pi/(g) i< e %7,

completing the proof of (2).

4 Notation and Background

In this section we prepare the proof of our main theorems. We start by introducing some
additional notation and background from the paper [11] by Fleischmann and Wachtel, on
which our proofs are based. In the sequel, we often omit the argument ¢ from y (¢), w(¢) and
similar expressions to shorten the formulas. We always assume that ¢ is small enough. Let

log(1/¢) J
k(g) i=| ———= |, 9)
( Log(a/u)
be the leading order term in y (&), which is defined by (3). Denote
(&) = e(a/w*® € (u/a, 11, (10)

Let
@(z) :=Ee W, forz € C,Re(z) = 0,
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be the Laplace transform of W and let
0 .
f(s) = ijs/, for s € [0, 1],
=0

be the offspring generating function of the Galton—Watson tree. Denote fp(z) := z and
Sn(@) == f(fm—1(2)), for m € N. The logarithmic Béttcher function is defined by

b(s) := mli_)moo uw="log fin(s), fors € (0, 1].

That the limit exists in the Bottcher case follows for instance from Lemma 10 in [11]. Note
thatbog < 0on (0, o) and recall from Lemma 17 in [11] that the function (b o @)’ increases
from —oo to 0 on (0, c0). Therefore, for any g € [1, 2], there exists a unique u, (¢) > 0 such
that

(bo)(ug) =—y/q, Y

where y = y(¢) is defined in (10). Observe that since the ranges of y and ¢ are bounded we
have uy € [uy, u*] for some O < uy < u* for all € and q. Define

d2
o (e) = —5(bog)ug) >0, (12)

where the positivity follows from Lemma 17 in [11].
Letd € {—1,0, 1} and

n(e) :=«(e) —y(e)] —d. (13)

Observe that n(e) — oo, n(g)/k(¢) — 0, and that k — n € {[y7, [y] + 1} if and only if
d € {0, 1}. Note that n depends on d. This dependence is omitted in the notation but we
always make it clear if a particular value of d is used. If no explicit assumption is made
about d, then it is arbitrary (but independent of ). Recall (5) and denote

1 b YA —
He) = log(— (pQu1)y*( u)). (14)
log v o
Since y is continuous and multiplicatively periodic with period a/u so is u; = u;(e) and

thus so is H.
Observe that we may extend the domain of all functions f;, to complex variables z with
|z] < 1. Denote

DG,0):={z€C:0<|z] <1-34,|arg z| <6}, (15)

for § € (0,1),6 € (0, 7). By Lemma 10 in [11] for every § € (0, 1) thereis a8 € (0, )
such that f,(z) # 0 for all m and z € D(§, 6) and b can be extended to an analytic function
on D(4, 0) by the uniformly convergent series

S fi+1(@)
b(z) =logz+ > p i Tog ZH1
: JZ=(:> £ fi@H
Observe that on D(§, #) we have
m—1
W og fn(2) = logz + > 1w~ log fi+1@)
j=0 fi@H
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and denote
—m
Yim (2) = b(2) — pu~" log fin(2) — — ] logpy,  forz € DG, 0).
It is easy to see that
fi+1(2)
Y (2) = Zu L T (16)

puf/ (Z)M

This implies, in particular, that v, (s) > 0 for all s € (0, 1) and all m € N. Our next aim is
to describe the asymptotic behaviour of ¥, and ¥, as m — oo. In the sequel we use the
Landau symbols o(f) and O(f) to denote nonnegative functions, whose actual definition
can change at every occurrence, with the property that when divided by f they converge to
zero, respectively stay bounded from above. By Lemma 10 in [11],

1

fn(@ = pu" " exp {"b(z) + 0 (e}, (17)

that is, ¥, (z) = O(ume 01"y uniformly on D($, ) as m — oo. In the next lemma we
compute a much more precise asymptotics for v,,.

Lemma 6 As m — oo,

)\71

Y (@) = papp " 1" exp {(h — W b()} (1 + o(1)) (18)

and

V(@) = 1" (2) O(1)

uniformly on compact subsets of D(8, 0).

Proof Using f11(z) = f(fj(z)) we obtain

fi+1@ o Putl
T ZRT £000). 19
o f O ; o 11©) (19)

As j — oo, we have f;(z) — 0 uniformly on D(8, 6), and hence also

fi+1(@) Do —p
T 4 B (1 1 20
o = L e T @ o) (20)
and
fjJrl(Z) A—p
_— = +o(1)).
puf,'(z)" o f @) (14 0(D)
Substituting this into (16) and taking (17) into account we get
Un(@) = 223 5T @ (1 o(1))
Pu i=m
I . .
=parn D exp {(h — W/ b(2)}(1 + o(1)

j=m
a1

= ppp " Lexp {0 — b)) (14 o(1)).
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746 N. Berestycki et al.

Substituting (19) into (16) and differentiating the uniformly converging series of analytic
functions, we get

U@ = > T (14 X P pl) S P G .
j=m =1 Pu =1 Pr

Observe that the term in the brackets converges to one and

> @ =7 @ o,

=1 s

as j — oo uniformly on D(§, 0), which implies

U@ = > T T @ @ 0 = D (T log ) () T (2) 0(1).

By the Weierstrass theorem for holomorphic functions (n=7 log f;)'(z) — b'(2) uniformly,
and b’ is bounded on the compact domain D(8, 8). Combining this with (17) we get

U@ = > exp{G— ' b@)} 0(1) = exp {(. — Wu"b()} O(1) = u" Y () O(1),

Jj=m

where the last line follows from (18). ]

5 The Lower Tail of Sums of Independent Copies of W

The main result in [11], Theorem 1, yields the following fine lower tail behaviour of W.

Lemma7 Ase — 0,

1

P(W<e)=p."" =% exp {1 (blp(u) + yur) + o(1)},

1
—u
o1uiv 21
where y, uy, o1 are defined in (10), (11), (12), respectively.

Proof By Theorem 1 in [11] we have, as ¢ — 0,
P(W < &) = L(e)e? exp{ — M(e)e™® +o()}, 1)

where « is defined by (4) and M and L are positive multiplicatively periodic functions with
period a/u given by

M(e) := —¢&* mig {b(e(v)) + ve},

1 _a
= y 2
L(g) = p, " ———

CT1141\/27'L'7

1
see formula (142) and (155) in [11]. Using e(a/n)* = y, a = w#, the definition (11) of uy,
the periodicity of M and the convexity of b o ¢ (see Lemma 17 in [11]), we have

—M(e)e ™ = =M (y)e™® = y*e “(b(ow1) + yur) = p* (blowu)) + yur)

567 = u_%, which completes the proof. O
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Recall that in our calculation (8) for the case u = 1 we used a crude estimate to bound the
lower tail probability of W', the sum of finitely many independent copies Wy, Wa, ... of the
limiting variable W. While this estimate holds in general, it is insufficient in the case u > 1.
The main goal of this section is to establish a fine result describing the lower tails of the sum
of independent copies of W in this case. The proof uses three technical lemmas which, for
the reader’s convenience, are stated and proved after the presentation of the main argument.

Proposition 8 As ¢ | 0, with k and n defined in (9) and (13),

qu<"
]P’( Z W; < sa"_")
j=1

g

1 «
— n—1 _ Kk « B
= Pu unq\/m Mmoo 2 exp {M (qb(gﬂ(uq)) q¥n(p(ug)) + yuq)} 1;(e), (22)

uniformly in q € [1, 2] such that qu“™" € N, where 1,(g) has the following properties:

n

e it is uniformly bounded in q and &;
o ifej | Osuch that /L’((gf')wn(gj)(<p(u1(8j))) = O(1) then I () — 1.

Proof We have

K—n

Ee—l(WlJ,-...-‘quuk—n) — (pqﬂ - (t)

and so by the inversion formula for distribution functions

K oo

K—n 1 1-— €7ir8aK_n q,u."’" .
(Z W <ea )=E iir(p (—it)dr.
—00

As, for arbitrary p > 0, the integrand is non-singular in the strip {x +iy: 0 <x < p,y € R}
we can change the integration contour and get

K—n

% 1 7 e(pfit)sa —1 K—n
]P)( W < saK_") = — / —_— it —it)dr.
> o e Y

Substituting p = uga”™ and v = ra" and using the Poincaré functional equation ¢(az) =
f(¢(2)), we obtain

ql""( n o0 .
1 ea* (ug—it) _ 1 n
P> Wy <ea ™) = E/ Tt @ g — i) d
= —00
o0

1 ey (ug—it) _q g )
e | T I (elug—in)di.(23)
i ug — it

—00
Recall that u, > 0 has been fixed in such a way that uy > u, for all ¢ and ¢, and recall the
definition of the domain D given in (15). By Lemma 15 from [11] there is a constant ¢ > 0

such that for all 6 € (0, c],
@ —it) € D(1 — (uy), 0/c), forall v > u,, |t] <6,

By Lemma 10 from [11] there is 8; > 0 such that for all 0 < 6 < 6; the function b
and so all functions v, are analytic on D(1 — ¢(u4), 8/c). This implies, in particular, that
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748 N. Berestycki et al.

%b((p(v —it)) is bounded on the set {v > u,, |t| < 6} and that the family %1//,, (p(v—it))

is uniformly bounded on the set {v > u,, |f| < 0}, where uniformity follows from the fact
that the v, are analytic and converge uniformly to zero.

Expanding in a Taylor series in ¢ and using the definition of u, and qu given in (11)
and (12), respectively, we get

2 2
b(p(ug — i) = b(e(uy)) —it(b o ¢) (ug) — %Wao 0 @) (ug) + 0%
. 2.2
— blpu )+ % o, (24)
q 2
and
/ [2 2 3
Yn (@l = i0) = Yu(p(ug) = it (Wn 0 @) (g) = =~ (Y 0 9)(1g) + O(t°)
5,12
= Vnlp(ug)) — itay — "7 +0@Y), (25)
with

d2
Ag (&) :=Wno Qa)/(uq) and Sq(g) = W(wn o w)(uq),

as t — 0, uniformly in ¢ and g. Observe that s, — 0 as ¢ | O uniformly in ¢ and so
aqz — 54 > O for all ¢ > 0 small enough and all g. We fix 6 < 6 so that for all < 6 the

functions O in (24) and (25) satisfy |0 (+*)] < 0,71*/8. Let

ple) i=icp” 2, (26)
For ¢ small enough we split the integral in (23) as

K—n

qnr

ZJTIF’( Z W; < sa"f”)
j=1
YW (g —it) P . ey (ug—it) quEn .
=/ﬁ A (g — 1)) di + / e " gty — i) dr
. _
Zp ltl€lp,01
YW (ug—it) quen ) 7 1 que .
+ / ———In aun —lf))df—/ — Jn (plug —it))dt.
ug — it ug — it
(E -

27)

The third and fourth integrals on the right-hand side of (27) are negligible by Lemma 10
and Lemma 9 below, respectively. This is due to the fact that in the desired formula (22)
q¥u(¢(ug)) — 0 uniformly in ¢, and yu, is positive and uniformly bounded away from
zero. We now show that the second integral is also negligible, and that the first one has the
required asymptotics.

By definition of y,,, we have

fo@ = pu " exp (" (b(2) — Yu(2))}
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and so

quk—"n

@ = T exp (it () — Y (@), @

To estimate the second integral on the right-hand side of (27) we use (24) and (25) with the
uniform error bounds and get

Re[qb(p(ug —it)) — q¥n(@(ug —it)) + y(ug — it)]
qaqzz‘2 o2t?
qu(‘ﬂ(”q)) _qwn(ﬁo(“q))"‘yuq - 4 qu(‘p(uq))"‘yuq -

i
for all |¢] < 0, using that ¥, is positive and ¢ > 1. Combining this with (28) we obtain that

eV (ug—it) e
| et — i |
Ug — it
lt1€lp,0]

_qmr ‘

n—1
= Pu

—— oxp {1 (qb(p 1ty —i1) =¥ (@t i)+ (g —in) }dt|
q
lt1€lp.0]

_q" 1
<pu " / — oxp | W Relqb (o, —in) =g (g (g —in)+y(ug—in)] | di
lug —it|

[t|€lp.0]
_20-p) - (1 (btotugn + 03102)}
= Ity Pu eXp - \gbl(pluy yug 4
T
=o() pu " w2 exp{(gb(e(ug)) + yuq)}

uniformly in g since by (26)

K22 2.2

128 O—qp K Uq} _K
— = _ — = 1 2,
exp{ 4 } CXP{ 4 ohw

Now consider the first integral on the r.h.s. of (27), which is the only one contributing to the
asymptotics. Using (24), (25), (28), and dropping the O terms since u* p3 — 0 by (26) we
get

pew“(uq*it) e
/%ff (p(ug — i) dt

qu — 1t
—pP
7‘1#‘(7” 1
= Pu ! / e — it exXp {/’LK (qb(ﬁo(uq —it)) — qwn((/’(uq —it)) + Y(”q - it))}dt
q
—pP
~22 ] 4 o(1
=pu " uio() exp {1 (qb(@(ug)) — q¥m(pug)) + yuq)}
q
P
qu* (o} — st
X /exp {itq,u"aq - qfq}dt.
—p
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Using the substitution 7 = tu% /((rq2 — $4)q, we obtain

r ey'U'K(uq_it) quE" .
/ ——h (plug —it)dt

uq - it
—-P
g m . )
= p-l  NER =3 K b _ i
Pu Uquqﬂu exp {1 (qb(@(ug)) — q¥m(pug)) + yuq) Hy,

where

Kk (02 =sq)q

- 14+ o0(1) .k T
lq(a)zﬁ / exp{zrpﬂaq qu ——}dt.
q

—i\[(02=54)q

It is easy to see that the absolute value of the integral on the right-hand side is bounded by
ffooo exp{—rz/Z}dr = +/2m implying the uniform bound | I, | < 1+0(1).If v, (@(u1)) =
O(1) then I} — 1 by Lemma 11 with

p1(e) == /c,/al2 — 5] > 00

= O(1) 3" (g (u1)) — 0,

pa(e) == pla

1

where the last line follows from Lemma 6.
Combining the results about all integrals in (27) we obtain the required statement with
some I, = (1 +o(1))1,. m]

Lemma 9 There is ¢ > 0 such that

n

00 o
1 n —as .

‘/ L (plug — i) dt| < cpy "' exp {Fab(p(ug)},

—00

ug — it
forany q € [1, 2] such that qu*™" € N and any ¢ > 0.

Proof Observe that f;/" . (z)/z is a series with non-negative coefficients and so an increas-
ing function on (0, 1). Since |p(uy —it)| < @(uy) < @(uy) we have

[ i g it < o [ ot — i as
Ug — 1t Ug
o —o0
o K—n
I an it
_ n (|§0(uq. ir)]) |(,0(Mq —in)|dr
Ug |§0(uq —it)|
-0

_ A ey

o) _/ lp(ug —it)|dt.
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The integral is uniformly bounded by Lemma 16 in [11]. Lemma 13 from the same paper
implies the estimate

que"

n—1

exp {1 gb(p(ug))},

which completes the proof. O

S (0ug)) < pu

Lemma 10 For any 6 > 0 there are § > 0 and ¢ > 0 such that

qu"

ey (ug—it) e . g )
‘ / ST AL _”))d" <cpu " exp {1 (gb(p(uy)) + yuy — )}
Irj26

forany q € [1, 2] such that qu*~" € N and any ¢.

Proof Following the proof of Lemma 16 in [11], we use the fact that, for each w € [u,, u™],
t — @(w—it)/@(w) isthe characteristic function of some absolutely continuous law (Cramér
transform), the continuity of the mapping (w, t) — @(w — it)/¢(w), and the compactness
of [u, u*] to conclude that there is a constant n > 0 such that

loug —it)| < (1 —me(uy) for all |7| > 6.
Using the monotonicity of z > £/* (2)/z on (0, 1), we get

£ (pug —in)] < £ oy — in))

qu<"

R ety — in)) -

= e et = i)
(1 = mg(ug)) .
T—moy W0

Using Lemmas 13 and refphispsneg from [11] we obtain, for some ¢ > 0,

K—n o0
Y ug=it) quen S ((A=me(uy))
(0(uy —it))dt| < eta¥* a4 / (ug —it)|dt
‘II/G it (1=t (us) lplg |

t>

K—n

qnr

<cpu " exp {f (gb((1 = Me(ug)) +ugy)}.
By Lemma 14 in [11] we have b'(s) > 1/s > 1 on (0, 1). Hence b(p(ug)) — b((1 —
mMe(ug)) = ne(uy) > neu*). Picking § = ne(uz) we obtain the desired estimate since
(ug) = ¢(u2). o
Lemma 11 If p; — oo and p» — 0 then

P1

2
/ exp {ir,oz — %] dt =2 + o(1).
—p1
Proof We have
p1 P1
2 N2
/ exp {ir,oz - %}dr — P32 / exp{ — %}dr.
—p1 —P1
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Denote by I'! (¢) the straight path in C going from —p; —ip; to —p; and by I'2(¢) the straight
path in C going from p; to p; — ip,. Since z — exp{ —z2/2} is an entire function we have

o1 (€ — ipy)? o1
/exp{—%}dr:/[’z/zdr—i— /e’zz/zdz.

—p1 —=p1 rtur2

Obviously, the first integral converges to +/27. The second integral tends to zero since the
length of I'' U T2 goes to zero and [e=2/2| < e~#1=P)/2 5 g on ! UT?2. o

6 Time of the First Non-Minimal Branching

In this section we prove Theorems 2 and 4. The key idea, just as in the case u = 1, is to
combine a decomposition of the population according to its ancestry in a suitably chosen
generation with the tail estimate for sums of independent copies of W.

Lemma 12 Fixd € {—1,0, 1}.
(a) If e | O such that ) (9(ui () — 0, then
]P’(K > Kk (gj) —n(g)) ’ W < sj) — 1.
(b) If e | O such that )y (9(u1(g))) < 1, then
0 < ]P’(K > k(gj) —n(ej) | W< ej) < 1.
(c) Ifej | O such that p*E) ) (@(u1(g))) — oo, then
]P’(K > Kk(ej) —n(ej) | W < ej) — 0.

(Recall that 0 < g; < 1 means that the sequence g; is uniformly bounded away from 0
and 1).

Proof Decomposing the tree according to the ancestry in generation x — n, we get

P(K > k(&) —n(e), W < ¢)

K—n

W
= P(Zn = W < &) =P(Zeoy = s D Wi < 20"
i=1

K—n

I
—P(Z,, = MH)P( > wi< saH).
i=1
It is easy to see that

|

- ookl =
P(Zy_p = ") = p;IA-HH_ +u — pMM I

Hence, combining Proposition 8 with ¢ = 1 and Lemma 7, we obtain

[LK7H71 MK—n

P(K > k(e) —n(e) | W < &) = p, """ ]P’( Z W; < sa’(_”)IP(W <eg)!
i=1

= exp { — 1Y) (@u1(e)) + o(D)} 11 (&).
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In case (a) and (b) we have I1(¢;) — 1 and the result follows. In case (c) we use that /;(¢;)
is bounded and therefore ]P’(K > Kk(g;) —n(ej) | W< sj) — 0. O

It remains to analyse the expression p“ v, (¢ (u1)) for different sequences ¢, | 0. We prepare
this by collecting three auxiliary facts.

Lemma 13 As ¢ | 0 we have

k—n _ _&°¢“

(a) n = Tog(1/e)*
(b) exp{(r — Wu"b(@ur)} = s~

gauri=d_

() wWvulp@y)) < “og(lje)
(Recall that {y} = [y]1 —vy.)

Proof Observe that it follows from a = !/# and the definition of y that ¥ = (y/¢)%. By
definition of y and n we have u" % =< u™" = &% log(1/e) w~H, which implies (a). By the
definition of H, see (14), we have uff = —b(pu1))y*a~" (A — w). Combining these facts
we obtain
O = 'bew)) = O = W7 b(pu))
= (0 = wlog(1/e)y* w1 bpur) = ap™""loge, (29)

which proves (b). By Lemma 6, part (a) and (29) we have

{r}-d

a(MfW)fd_ D

log(1/e)
proving (c). O

1Y (@ (1)) = " exp {0 — " blpur))} <

Proof of Theorem 2 Letd = —1,sothatk —n = [y]—1.ByLemma 13 (c), u* ¢, (¢(u1)) —
0 since 11 — 1 > 0. Hence Lemma 12 implies

P(K>[yl1—1|W<e)=P(K>k—n|W<e)—>1 ase—>0. (30

Now letd = 1, sothat k —n = [y] + 1. Again, by Lemma 13 (c), u“ ¢, (¢ (1)) — 00 as
now u~"1=1 — 1 < 0. Hence Lemma 12 implies

P(K>[yl+1|W<eg)=P(K>k—n|W<e)—>0 ase—>0. (31
The statement now follows from (30) and (31). m}
Proof of Theorem 4 Letd = 0. Then k —n = [y]. By Lemma 13 (c) we have

wY(pur)) < w.

In case (a) of Theorem 4, we have w(g;) — oo and so v, (¢(u1)) — oo by Lemma 13.
Hence Lemma 12 implies P(K > [y(g;)] | W < ¢€;) =P(K > k(gj)—n(g;) | W < ¢;) —>
0. Together with Theorem 2 we get P(K = [y ()1 | W < ¢;) — 1.

In case (b) we have w(g;) < 1 and so 0" ¥, (¢(u1)) < 1 by Lemma 13. Hence Lemma 12
implies that P(K > [y (¢;)1| W < ;) =P(K > k(gj) —n(e;) | W < g;) is asymptotically
equivalent to exp{—u“ v, (¢(u1))}. Together with Theorem 2 we infer that 0 < P(K =
[Y(EDTIW <egj)<land 0 <P(K =[y(g;)]+ 1| W < &) < 1, as required.

In case (c) w(gj) — 0 and so u*v,(¢(u1)) — 0 by Lemma 13. Hence Lemma 12
implies P(K > [y (e))1|W < ¢;) =P(K > k(gj) —n(gj) | W < gj) — 1. Together with
Theorem 2 this implies the statement. O
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7 Extra Offspring in the Critical Generation

In this section we prove Theorem 5. Denote J := {j > A : p; # 0} and
M :={(mj)jey :m; e NU{0} forall j € T}.
For each m € M, denote

Iml:=>"m; and (m):= > (j—w@wm; € NU{0,o0}.
JjeJ jeg

For each j € J, denote by M; the number of individuals in generation K — 1 having
precisely j children and let M := (M;);c 7. The strategy of the proof is as follows. We
first show that Zx = u®X + (M), see (36). We then prove that, conditioned on the event
W < e, the random variable (M) is, with high probability, in a certain interval, see (37).
Not surprisingly, in order to show (37), we have to give the asymptotic behaviour of P(M =
m, K =k —n|W < g), see (45), resulting in (55), which has to be optimized over m.

For each t > 0, denote

={meM:(m) <t}
The following technical lemma shows that the number of elements in M, does not grow fast.
Lemma 14 The cardinality of M, satisfies |M,| = e°® ast — oo.

Proof Foreachn € Nandt > 0, denote

Spi = {me MUY : D my; <1},

i=1

Let O, = [0, 1]" be the unit n-dimensional cube based in the origin. Then

t n
|S,,,,|:vol{ U (m+Q,,)} <Vo]{xe [0, 00)" Zx, <t+n} ( +") . (32)
meSy
On the other hand,
t
Sual = X |fmeavuiop: Zm B S/nxdx <n'tl (33)
0<j<t 0<j<t 0

The former estimate is useful for large ¢, the latter for large n.
Letr: (0, 00) — N be such that r, = o(t/logt) and logt = o(r;) as t — oo. With the
convention m; = 01ifi ¢ J we get, for large ¢,

Lt+p]
M, c {me ®™WU{opN: (- //,)Zml <t.(r—p) D mi<t,mi=0foralli>r+p}.
i=1 i=ry+1
Using (32) and (33) we get
(@t +r) L4
Ml < 1S, 2 S| = 1St Sy i | S 7 @ i = )

@ Springer



Galton—Watson Martingale Limit 755

This leads to

IM,| = exp {r, log(t +r;) —rilogry + 1 + r’f_’; log(t — ry) + o(t)}

It

= exp {r, logt —rylogry +r, + ’t’; logt + o(t)] = 20,
For g € [1, 2] and ¢ > 0 define
h(q) == q o @) (ug) + yuq. (34)
Lemma 15 Forallg € [1,2]and e > 0
h(g) < h(1) + (bop)(u)(g —1).

Proof Since b o ¢ is analytic we get, using (11),
oh . . oh
—(q) = bog)(ug)  implying  —(1) = (bog)(ur)
aq dq

and

2

h 0
52 @ = G090 @y “a

kYR

Since (b o @)’ is analytic and increasing from —oo to 0 on (0, 00), equation (11) implies that
u4 is increasing in ¢ and so the derivative du, /dg is nonnegative. Since (b o @)’ is negative
we have 8%//3g*(¢q) < 0 for all ¢ and . Now the statement of the lemma follows from the

Taylor expansion of % at the point g = 1. O
Denote

N(e) 1= pr®—n®-1 (35)
and let

Jj—1

®j(e) = pjpu " Nexp{(j — mu"blp@w)},  forjeJ.
Lemma 16 All ®;, j # A, are negligible with respect to ®,_to the extent that, for any ¢ € R,

> @je’ =o(®;) ase 0.
jea\
_J=

Proof Estimating p; < 1 and pu
series with the ratio ecT#"2@@1) = (1) we obtain

e/ < €% for some ¢ € R and summing the geometric

o0
> e <N D exp i+ — wnblew)}
JeT\{r} Jj=i+1

= Nexp{(A+1—wu"blpu) + 0} = o(P),

since " — 00, b(p(u1)) <0, andA+1—pu > 1 — pu. ]
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Proof of Theorem 4 Recall thatforeach j € 7, M is the number of individuals in generation
K — 1 having precisely j children. Write M := (M) jc7. Then

Zk = pi = M) + D M) = uf 4 (M), (36)
=
Observe that, by Lemma 13 (b), we have (A — n)®; = C M”’”e““yfwn, where

A1

C = (% — 1)p)\pMM7
Let § > 0 be small enough. By Theorems 2 and 4 it suffices to show that

P((M) ¢ (. — . — 8)@ule), A — n+ 8)Py(e))), K = k(ej) —n(ej) |W <gj) —> 0,
(37)

for d = 0 in the case w(g;) — oo and for d = 1 in the case w(¢;) — 0. By Lemma 13,

ga(lf(yl_l)
D, (g5) < W =w(gj) > oo ford =0inthe casew(g;)—o00, (38)
J
=1_p
Sa(u
Dy(ej) < W — oo ford = lin the case w(g;)—0. 39)

Hence in both cases @, (¢;) — oo.
We prove (37) by showing that

P((M) < (L —pu —8®;.(e), K = k(ej) —n(ej) | W < &) - 0, (40)
P((A— o+ 8)Pu(e)) < (M) <3e*®s(e)), K = «k(ej) —n(e;) | W <ej) >0, (41)
P(3e" @, (¢, ) < (M) < N(j)/2, K = «(ej) —n(ej) | W < gj) > 0, (42)
P(N(gj)/2 < (M) < uN(g), K =k (g;) —n(e;) | W < gj) — 0, (43)
P((M >/LN(£]) K =«(j) —n(j) | W <egj) — 0. (44)

The rest of the proof is split into six steps. In Step 1, we find an asymptotic formula for the
conditional probabilities P(M =m, K =k —n|W < ¢) for m € M. Then we prove (40),
(41), (42), (43), and (44) in the next five steps. Step 1. An asymptotic formula.

Let m € M be such that m; # O for some j € J and |m| < N. In particular, this means
that only finitely many of the m ; are non-zero. Denote

q(m) =1+ (m)u"=" and q(m) :=2 A q(m),

where A stands for the minimum._

For each j € J, denote by M j (¢) the number of individuals in generation x — n — 1
having precisely j children. Let M (e) == (M (&) jeg- Again we drop the dependence on
& from this notation whenever convenient. Observe that K = x —n and M = m imply
Zi—n = q(m)u*~" and so we have

qm)p="

P(M = m, K:x—n,W<s):1P>(ZK,n,l =N.M=m > W <8aK_”)

i=1
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This yields

]P(M:m,K:K—n|W<8)

Gm)pk=n

= P(Zemnor = N)P(M = m | Zeoor = NYB(( D Wi < ea"™")POW < &)~
(45)
For the first term in (45), we have
Lo 2 =
IIEI)(Zk—n—l = N) p " =Pu - (46)

We can compute the second term in (45) as

~ N! 1 /p
(i =m|Zeyor = N) = pl == [T == (22)".
KN =Dt L\,

where the product of the factorial terms represents the number of ways we can split N vertices

into N — |m| vertices having offspring u, and m ; vertices, j € J, having offspring j, and

pﬁ_lml and p;nj , J € J, represent the corresponding probabilities. Observe that

VN H Lo lﬁ if Im| < N /2,
VN =Tm] Lo iy VN if|m| < N.
mj#()
Combining this with Stirling’s formula we obtain, uniformly for [m| < N/2,
P(M=m|Zcy1=N)

—0(1)puexp[N10gN (N —1|m|)log(N —|m|)— ijlogm]—i—ijlog—}

jeg jeg P
=O(I)plﬁlexp{|m|logN—N(1—‘;vl|)log — ) Zmﬂogm,—i—Zm,log—}
jeT jeg
:0(1)p,§vexp{|m|1og1v+|m|—zmjlogmj Zm,log—} 47)
jeg jeg

since (1 —x)log(l — x) > —x forall 0 < x < 1 (we use the convention 0log 0 = 0).
Similarly, uniformly for all |m| < N we have

P(M=m|Zcy_1 =N)

=0(1)ﬁp,’fexp{|m|1og1v+|m| Zm,logm,+zm,10g } (48)
jeg jeg

To compute the third term in (45) we recall the definition of % given in (34) and use Propo-
sition 8 in order to get

Gmypk=n _ gmuN

> Wi<ed ™) =0 p, T exp (Wh@m) =1 G0m) Y (pugm))}-
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Applying Lemma 15 yields

Gmypk—n _ gmpuN

P( Z W; < eaK_”) =0() p, wt ,u_%
i=1

<, exp {1 h(1) + 1 (G (m) — (b o ) (1) — 1 Gom)Yn(@(ugm))}.  (49)

The fourth term in (45) is given by Lemma 7,

1
P(W <e) ' =0W)pj " u2exp{—uh)}. (50)

Now we distinguish between the following three cases.
Case (a). Consider all m such that |m| < N/2 and g(m) < 2. Combining (45), (46), (47),
(49), (50) and using g(m) — 1 = (m) "% we obtain

IP(M:m,K:Ic—nlW<£)
(m)

= 0(1)p;m exp{|m|logN—|— |m| — ij logm; + ij logﬂ
jed jed P
()" (b © @) (1) = WG Y0 tginy) )
) exp{lml — > mjlogm;
JjeTJ
_ =l
+ > mjtog (pip Nexp{(j — wi"bew))})
jeJg
— W5 gon)))
= 0y exp {Im| = 3" mjlogm; + 3" mjlog ®; — i GmYn(@lugm)) ). (51)
JjeTJ jeg

Case (b). Further, consider all m such that N/2 < |m| < N and g(m) < 2. We proceed
as in the previous case but we need to replace (47) by the rougher estimate (48), and we
additionally drop the term containing ¥, since it is positive. We have

P(M=mK=k—-n|W <e¢)
=0(1)«/Nexp[|m|—ijlogmj—i—ijlogCDj}. (52)
jed jed
Case (c). Finally, we consider all m such thatg (m) > 2. Combining (45), (46), (48), (49), (50),

using g(m) — 1 = 1, and dropping the term containing 1, we obtain

P(M=m,K=k—n|W <e¢)

_uN
= O(l)x/ﬁpu o exp{ - ij logm ; + ij log(pj

N
jed jed P

e

)+ Hr o).

(53)
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Step 2. Proof of (40).
Consider all m such that (m) < (A — u — §)®,. Observe that in this case, for & > 0 small
enough, g(m) <2 and |m| < (m) < N/2 so we are in Case (a). By Lemma 6 we have

MKQ(m)l[fn(@(uq(m)))
_ A=l
= papp" " Nexp{(h — W b(@ugem)) }(1 + o(1))
_ A=l
= papp " Nexp{(h — " b)) + (m)p* 0} + o(1))
= ®; + o(Dy). (54)

since pu¥ 2 =< g7« (log(l/s))_2 and so @, 2" = o(1) according to (38) and (39).
Combining (51) and (54) we get, uniformly in m,
P(M=m, K=x—n|W<e)
= O0(1)exp {|m| — Z mjlogm; + Z mjlog®; — ®; + o(dD)\)]. (55)
jeg jeJ

It is easy to see that the function in the brackets (excluding the error term) achieves its
maximum at the point i given by m; = ® ;. However, this m does not satisfy the condition
(m) < (A — u — 8)P,, and so the maximum over the admissible domain is achieved on the

boundary (m) = (A — nu — §)®;. Using Lagrange multipliers, we obtain that the maximum
is attained for m ; = ® ;U= for some ¢ < 0 (depending on ¢) such that

D= w®eVT = (= = 8) Py

jeT
Since all ®; with j # A are negligible with respect to ®; by Lemma 16 we have that
(A — )@= ~ x —  — 8 and so ¢ is separated from zero. Substituting the maximiser
into (55) and neglecting all ®; with j # A we get

P(M=m, K=x—n|W<e)
— 0(1)exp [ — 0y (1= &R 4 — p)ecP) 4 0(<I>A)}. (56)

Observe that the function p(x) = 1 — e¢* 4 xe* is decreasing from 1 to 0 on (—o0, 0]. Since
¢ is negative and separated from zero we obtain

P(M=mK=k—n|W <e¢)=0)exp{—0d, +o0(d)}.
with some 6 > 0, uniformly in m. Finally, by Lemma 14,

P(M) < (A—pn—8)Py, K=k —n|W <e¢)

= O(1)exp{ — 0@, + o(P) HM -0, |
=0 exp{ — 0P, + o(P1)} = o(1).

Step 3. Proof of (41).

Now consider all m such that (A — p + 8)®; < (m) < 3e*®;. The estimates ¢ (m) < 2
and [m| < N/2 as well as the asymptotics (54) and (55) remain true and, similarly to the
previous step and additionally using Lemma 16, we observe that the maximum of the function
in the brackets in (55) over the region (m) > (AL — u + §)®, is attained on the boundary
(m) = (A — 1 + 8)®; at m given by m; = ®;eU~H for some ¢ > 0, depending on & but
bounded away from zero.
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We use (56), which is true in this case as well, and the fact that p is increasing from 0 to
ooon[0,00)toobtain P(M =m, K =k —n|W <¢) = O(1) exp{—0D), + o(P,)} with
some 6 > 0, uniformly in m. Finally, by Lemma 14,

P(A—p+8)®) < (M) <3"d, K=k —n|W <e¢)
=0 exp{ — 0@, + 0o(P)}|M3,iq, |
=0 exp{ — 0P, + o(P)} = o(1).
Step 4. Proof of (42).

Here we consider all m satisfying 3¢*®; < (m) < N/2. Then again |m| < N/2 and
g (m) < 2. Since the last term in (51) is positive we have

P(M =m, K =k —n|W <e)=00)exp{lml = > mjlogm;+ > m;logd,]

jeg jeJg
=o) [Je’™ exp[ DG+ mj— > mjlogmj+ > m; 1og<1>j]. (57)
jed jeg jeg jeg
The maximum of the function in the brackets is achieved for m; = ® jej, which does

not satisfy the condition (m) > 3e¢*®; by Lemma 16. It is easy to see that the maximum
over the region (m) > 3e*®, is achieved on the boundary (m) = 3e*®; for m given by
mj = <I>je~’+c(f_“), and ¢ > 0 is such that

D0l tUT = 3000, (58)
jed
Substituting the maximiser into (57) we obtain
P(M=m,K=k—n|W <¢)

=0() H eI exp [ — Z(c(j — ) — 1)<pjej+6(/'—u)}.
jeJ jeg

Since be Lemma 16 * T3 =1 ~ 302 according to (58) wehave c(A—p)—1 ~log3—1 >0
and so

P(M =m,K=k—n|W<¢g)=0() exp{ — 0D, +0(<I>;L)} H e~ Imi
jed
for some 6 > 0, uniformly in m. Hence
P(3ekd>;h < (M) <N/2,K=K—n|W<8)
=0 exp{— 0@, +o(@)} D []e ™.

meMpy jeJ

and the right-hand side is o(1) as

> e =X e =] <o (59)

meMpy jeJ jeJ m;j=0 jed

Step 5. Proof of (43).

@ Springer



Galton—Watson Martingale Limit 761

Next we consider all m such that N/2 < (m) < uN. Observe that the second inequality
insures that g (m) < 2 so we are in Case (b). Using (52) we obtain

]P’(M:m,K:K—n|W<s)
= 0(1)\ﬁN H e Imi exp { Z(j + Dm; — ij logm; + ijlogtbj}. (60)
jed jed jed jed
Similarly to the previous step, the maximum of the function in the brackets over the region
(m) > N /2 is achieved on the boundary (m) = N/2 at m given by m; = <I>jef+c(1_“),
where ¢ > 0 is such that
> @jelt U = Ny, (61)
jeT
Substituting the maximiser into (60) we obtain
]P’(M:m, K=K—n|W<8)
=0MVN [T e expf = > (el = 1) = Dbjer*<u=m).
jed jed
Now (61) implies that c — coandsoc(j — ) —1 > c(A — ) — 1 > 1 for all j eventually.
Hence

IP’(M =m,K=x—-n|W< s) = 0(1) \ﬁNexp{ — Z d>je~i+c(j_“)] H e Imi
jed jeJd
=0 VNe 2 [T e /™ = o) [[ e
jed jeJg
From this we can conclude that
P((M) > N/2,K =x —n|W <g)=o(1) D []e ™ = o),
meM jeJ

using again that the sum is finite, similarly to (59).

Step 6. Proof of (44).
Finally consider all m satisfying (m) > wN. This inequality implies that g (m) > 2 so we

are in Case (c). Using (53) we obtain
e mj
- q;
]P’(M:m,K:K—n|W<8) O(I)fpu exp{u (bogo)(ul)}Hj—mj,
jeg Mj
(62)
where g; = pjNe/p, forall j € J. Estimating m’;j > m;! we have

IP((M)>,uN,K:K—n|W<£)

— 0N p, T eXp{M (boga)(ul)}Z > H q’

1=0 meM /EJ
Im|=l

It is easy to see that

2 H mjl (Z‘“)ZS llv(&)l

meM jeJ jed : p“’

|m|=l
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Substituting this into the previous formula and summing over / we get

P((M) > uN.K =k —n|W < &)
N

N
= OVN exp [t o))+~ = L tog p, | = o(1)

wo H—1
since N = o(u*) and (b 0 ¢)(u1) < 0. o
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