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Poses (fl-score 83,8%).

* Model Case 4: Bike Positions + Speed + Classified Skeleton Poses demonstrates overall similar accuracy values (>82%) for
all maneuver types for the classification task.
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« Case 1: Bike Positions + Speed performed the worst compared to all other cases (f1-score 56,7%), which illustrates the high

behind added value that the inclusion of bicyclist pose information has in predicting the bicyclist maneuver at the intersection
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